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Abstract
Background: Maize landraces from South America have traditionally been assigned to two main categories:
Andean and Tropical Lowland germplasm. However, the genetic structure and affiliations of the lowland gene
pools have been difficult to assess due to limited sampling and the lack of comparative analysis. Here, we
examined SSR and Adh2 sequence variation in a diverse sample of maize landraces from lowland middle South
America, and performed a comprehensive integrative analysis of population structure and diversity including
already published data of archaeological and extant specimens from the Americas. Geographic distribution models
were used to explore the relationship between environmental factors and the observed genetic structure.
Results: Bayesian and multivariate analyses of population structure showed the existence of two previously overlooked
lowland gene pools associated with Guaraní indigenous communities of middle South America. The singularity of this
germplasm was also evidenced by the frequency distribution of microsatellite repeat motifs of the Adh2 locus and the
distinct spatial pattern inferred from geographic distribution models.
Conclusion: Our results challenge the prevailing view that lowland middle South America is just a contact zone
between Andean and Tropical Lowland germplasm and highlight the occurrence of a unique, locally adapted gene
pool. This information is relevant for the conservation and utilization of maize genetic resources, as well as for a better
understanding of environment-genotype associations.
Keywords: Genetic diversity, Geographic distribution models, Guaraní communities, Lowland South America, Maize
landraces
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Background
There is general consensus that maize (Zea mays L. ssp.
mays) was domesticated from its wild relative, the
teosinte Zea mays ssp. parviglumis Iltis & Doebley, in
the lowlands of south-western Mexico during the early
Holocene, whence it spread rapidly northwards and
southwards across America [1–4]. In South America, the
earliest evidence of maize can be traced to at least 7000
calibrated years before present [4, 5]. In this region,
however, the introduction date and dispersal routes of
the cultigen, as well as the patterns of racial diversification, still remain unclear.
Based on the cytogenetic analysis of South American
landraces, McClintock et al. [6] suggested that different
types of maize were early introduced into two initial
centres of cultivation: northern South America and the
central Andean highlands. They proposed that maize
germplasm from the northern region had a vast influence on the races of the Caribbean Islands and on
those in eastern South America, whereas races from
the Andean centre spread extensively throughout the
southwest. This hypothesis is consistent with the analysis of a microsatellite repeat within the alcohol dehydrogenase 2 gene (Adh2) in archaeological maize
specimens, which revealed an east–west partitioning of
allele frequencies. These studies provided evidence of
two separate expansion events in South America; one
occurring from the highlands of Central America into
the Andean region, and the other from the alluvial regions of Panama into the lowlands and then along the
northeast coast of the continent [7].
More recently, Vigouroux et al. [8] inferred an alternative model of maize introduction from the analysis of SSR
(Simple Sequence Repeat) variability, based on a comprehensive assembly of landraces from the Americas. Using
genetic distance clustering methods, these researchers
concluded that maize cultivation was first introduced into
South America from Colombia and Venezuela, subsequently into the Caribbean from South America via
Trinidad and Tobago, and into the Andes from Colombia.
Knowledge of the structure of genetic variation in
present-day maize landraces, and how it is related to
their geographical distribution, provides valuable insights
for reconstructing dispersal routes. Maize landraces
from the highlands of South America (i.e., the Andean
region) have emerged repeatedly as a distinct entity, as
evidenced by morphological, cytogenetic and molecular
data [1, 6, 9, 10]. In contrast, no clear delimitation could
be achieved among the landraces from the lowland regions of South America, adding further complexity to
the testing of dispersal hypotheses. Over the years, studies of molecular diversity have referred to germplasm
from the lowlands of South America by different names,
such as Other South American maize [1], the Tropical
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Lowland group [8], the Lowland South American group
[11], the South American Lowland, Bolivian Lowland
and Costal Brazil groups [12], and the Middle South
American group [13]. However, differences in geographical sampling between studies and the lack of integrative
analyses make it difficult to assess whether these assemblages belong to the same gene pool and how they relate
to each other.
Recent research concerning the population dynamics of maize landraces has also provided evidence for
a highland-lowland genetic structuring pattern. Bracco
et al. [14] conducted a comparative evaluation of SSR
variability in an extensive sample of maize landraces
from Northeastern and Northwestern Argentina (NEA
and NWA, respectively) and identified three distinct
gene pools named NWA, NEA popcorns, and NEA
flours. The affiliation between the NWA group and
the Andean complex was already established by Lia
et al. [15], whereas the relationships between landraces from lowland NEA and other regions of lowland South America have not been determined until
this study.
Regardless of what the most plausible hypothesis of
maize dispersal may be, it is undisputed that its spreading was accompanied by a remarkable adaptation to heterogeneous environmental conditions [11, 16, 17]. Some
difficulties may arise in modelling the geographic distribution of crop species, such as discriminating the relative contribution of demography, farmer’s selection and
habitat suitability. Notwithstanding this, the methods
used in geographic distribution modelling may offer a
new perspective to understand current and historical
patterns of local adaptation. Indeed, these approaches
have provided valuable insights into the ecological requirements and possible impacts of climate change on
teosintes and Mexican landraces [16, 17].
Herein we provide a comparative framework to analyse maize diversity and clarify the relationships among
lowland South American gene pools. For this purpose, the sampling conducted by Bracco et al. [14]
(345 individuals from Northern Argentina) was expanded by genotyping 232 individuals of 12 additional lowland landraces from NEA using SSR
markers, and these data were analysed in combination with the datasets of Vigouroux et al. [8] and
Lia et al. [15]. In addition, Adh2 microsatellite sequences were obtained from representative individuals of NWA and NEA to allow comparison with the
archaeological and extant specimens from southern
South America studied by Freitas et al. [7] and
Grimaldo Giraldo [18]. Finally, the relationship between bioclimatic variables and the geographical distribution of the inferred gene pools was explored
using species distribution modelling approaches.
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Methods
SSR genotyping

To fully represent the racial diversity of maize in NEA
and to complement the data presented by Bracco et al.
[14], 10 SSR loci (bnlg1866, phi037, bnlg1182, bnlg252,
bnlg1287, bnlg1732, bnlg1209, bnlg1018, bnlg1070 and
bnlg1360) were genotyped on 232 individuals from the
Argentinean provinces of Chaco, Corrientes, Entre Ríos,
Formosa and Misiones (Additional file 1: Figure A1).
Landraces were collected in 1977, 1978 and 2005 directly from farmer fields and preserved at the Banco de
Germoplasma EEA INTA Pergamino, or at the Laboratorio de Recursos Genéticos Vegetales “N.I. Vavilov”,
Universidad de Buenos Aires. Racial identification, voucher specimens, collection sites and sample sizes of the
accessions genotyped here are given in Additional file 1:
Table A1. Seed germination, DNA extraction, and SSR
genotyping were performed as detailed in Bracco et al.
[19]. Primer sequences are available at the MaizeGDB
website (http://www.maizegdb.org/data_center/locus).
SSR Data analysis

To put the SSR data in a continental context, our dataset
was analysed in combination with those of Bracco et al.
[14], Lia et al. [15] and Vigouroux et al. [8], yielding a
final data matrix of 10 SSR and 1288 individuals. This
compiled SSR data matrix consisted of 709 individuals
belonging to 29 landraces from NEA and NWA, plus
579 individuals from the main genetic groups recognised by Vigouroux et al. [8], namely, Tropical Lowland
(74 landraces, 187 individuals), Andean (89 landraces,
235 individuals), Highland Mexico (HM) (37 landraces,
87 individuals) and Northern and Southwestern US
(US) (49 landraces, 70 individuals). Individuals identified as admixed in the original studies were excluded
from the analysis.
Allele size equivalences between maize landraces from
NWA and those of Matsuoka et al. [1] were determined
by Lia et al. [15]. Individuals from NWA were then used
as allele size markers to genotype NEA landraces. The
SSR data of Matsuoka et al. [1] are included within the
data set of Vigoroux et al. [8], thus allowing the integration of all sources of data. The compiled SSR matrix is
given in Additional file 2: Table A2.
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reported by them, thus validating the use of this subset
of SSR in our integrative analysis (data not shown). The
overall probability of identity and the probability of identity given the similarity between siblings were estimated
across the complete SSR data matrix according to Waits
et al. [21], using GeneAlEx 6 [22]. The discriminant
power of the selected loci on the combined dataset was
supported by a probability of identity of 4.7 × 10−14 and
probability of identity among siblings of 4.7 × 10−5. Analyses were performed using K values from 1 to 10, 10
replicate runs per K value, a burn-in period length of 105
and a run length of 106. No prior information on the
origin of individuals was used to define the clusters. All
the analyses were run under the correlated allele frequency model [23]. The run showing the highest posterior probability was considered for each K value. A
measure of the second order rate of change in the likelihood of K (ΔK) [24] was calculated using Structure
Harvester [25]. An individual was assigned to one of
the clusters on the basis of having a membership coefficient higher than an arbitrary cut-off value of 0.80 (Q >
0.80) (Additional file 2: Table A2). Results were plotted
with DISTRUCT 1.1 software [26]. The model of correlated allele frequencies of Falush et al. [23] was applied
to estimate the drift parameter (F) for the genetic
groups inferred by STRUCTURE. This parameter measures the extent of a cluster’s differentiation relative to
a hypothetical population of origin and has a direct interpretation as the amount of genetic drift to which the
cluster has been subjected [27]. A graphical representation of the densities of F was obtained using the density
function of R 3.0.2 (R Core Team 2014).
Discriminant Analysis of Principal Components (DAPC)

Population structure was also examined by the Discriminant Analysis of Principal Components (DAPC) [28],
using the adegenet 1.3-1 package [29] implemented in R
2.13.2 (R Core Team 2014). The function dapc was executed by retaining 150 principal components, which
accounted for 96 % of total genetic variation and five
discriminant functions, and using the clusters identified
by the K-means algorithm [30]. The number of clusters
was assessed using the function find.clusters, with
n.iter = 1000000 and n.start = 25, evaluating a range
from 1 to 40.

Model-based clustering

Genetic clusters were inferred using the Bayesian approach implemented in STRUCTURE 2.3.4 [20]. However, given the differences between the number of loci
genotyped in NEA and NWA landraces and those used
by Vigouroux et al. [8], we first checked the consistency
of the groups defined by these authors against the reduction of the number of loci (from 84 to 10) using STRUCTURE. As a result, we retrieved the same four groups

Genetic diversity and differentiation

Diversity indices were calculated for the genetic clusters
inferred by Bayesian analysis, using only individuals unequivocally assigned to their respective clusters (Q >
0.80). The mean number of alleles per locus (A), allelic
richness (Rs) [31] and gene diversity (He) [32] were estimated using the software Fstat 2.9.3.2 [33]. The presence
of group-specific alleles (hereafter referred to as private
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alleles) was examined for each group. Private allelic richness, i.e., the mean number of private alleles per locus as
a function of standardised sample size, was computed
with ADZE 1.0 [34]. File conversion was conducted with
Convert 1.31 [35].
Differentiation between STRUCTURE groups was
assessed by the Allele frequency divergence estimate
provided by the software. Cluster analysis was carried
out applying the Neighbour-joining algorithm [36] implemented in PHYLIP 3.6 [37]. Branch support was estimated by bootstrapping (1000 pseudoreplicates) with
Powermarker 3.25 [38]. Resulting trees were visualised
with FigTree 1.3.1 [39].
Adh2 microsatellite analysis

Individuals of 16 landraces from Northern Argentina
(NWA + NEA) were sequenced for the Adh2 microsatellite region (Additional file 1: Table A3). The Adh2 gene
segment employed for primer design (GenBank X02915)
included part of the 5’ untranslated promoter region,
the exons 1 and 2, and the intervening intron. PCR
primers were designed with the Primer3 software 0.4.0
[40]: upstream, 5’-AAAATCCGAGCCTTTCTTCC-3’;
downstream, 5’-CTACCTCCACCTCCTCGATG-3’. Cycling was carried out as in Freitas et al. [7], and the PCR
products were checked and visualised as in Bracco et al.
[14]. To determine whether individuals were homozygous
or heterozygous, PCR products were subjected to native
PAGE as described in Bracco et al. [19]. Bands from
homozygous individuals (ca. 350 bp in length) were excised from agarose gels (2 % w/v) purified using an AccuPrep® Gel purification kit (BIONEER) and sequenced in an
ABI 3130XL apparatus (Applied Biosystems). Chromatograms were edited with BioEdit 7.1.3.0 [41]. Both strands
were assembled with the same program, and the microsatellite motifs were extracted for frequency calculation. All
sequences were deposited in GenBank under accession
numbers KU304471 to KU304494.
The data gathered were analysed together with Adh2
microsatellite alleles derived from the archaeological
landraces examined by Goloubinoff et al. [42], Freitas
et al. [7] and Grimaldo Giraldo [18], under the assumption that genealogical continuity exists between the
archaeological genetic structure and that of extant landraces. In addition, we extracted the SSR alleles from the
modern, primitive and historic landraces studied by
Freitas et al. [7] and Grimaldo Giraldo [18], and from
Adh2 sequences retrieved from GenBank corresponding
to Brazilian and Bolivian landraces (EU119984-9 and
EF070151-6, respectively). The compiled data set (N =
497) was divided into three allele types following Freitas
et al. [7], i.e. (GA)n, (GA)nTA and GAAA(GA)n.
Statistical associations between allele types and geographic regions were evaluated with the likelihood
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ratio Chi-square test implemented in Infostat software
2013 [43].

Modelling of geographic distributions

Geographic distributions were modelled using the Maximum Entropy method [44], implemented in MaxEnt
3.3.3.a (https://www.cs.princeton.edu/~schapire/maxent/).
This program uses presence-only data in the form of georeferenced occurrence records, and a set of environmental
variables to produce a model of the distribution range of
the species under study. The raw and logistic outputs of
MaxEnt are monotonically related and can be interpreted
as an estimate of habitat suitability [45, 46].
We modelled the geographic distribution of the genetic groups retrieved from Bayesian clustering, considering only individuals with Q > 80 %. Following the
guidelines provided in Scheldeman & van Zonneveld
[47], a minimum of 20 occurrence points was set as
threshold for modelling. Thus, a total of 317 spatially
unique records were used, corresponding to the following clusters: 22 for NEA Flours, 92 for Tropical Lowland,
120 for Andean, and 87 for Highland Mexico and US
(HM-US). The NEA Popcorns could not be subjected to
analysis because of the low number of unique sampling localities (<5). Given the stability of the MaxEnt method in
the face of correlated variables [45], and to facilitate comparisons with previous models of the geographic distribution of maize [16], we used the variable Altitude and the
19 bioclimatic variables available at WORLDCLIM 1.4
(http://www.worldclim.org/) [48] at 2.5 arc-min resolution. These 19 variables are derived from monthly
temperature and precipitation records, reflecting seasonal
and annual variations. Models were generated using
20,000 background points from all over the world. This
implies that landrace could have dispersed anywhere in
the globe, which is a reasonable assumption for a domesticated crop such as maize. It has been shown that the predictive ability of MaxEnt models is influenced by the
choice of feature types and regularisation parameters, particularly for small sample sizes [49]. By default, the program uses class-specific regularisation parameters tuned
on the basis of a large international dataset [45]. In
addition, when few samples are available, MaxEnt restricts the model to simple feature classes (i.e., linear, quadratic, hinge) [49]. Because the number of
occurrences for the different groups ranged from 22
to 118, we followed the recommendations of Elith
et al. [45]; thus, we constructed the models under
two different settings: 1) hinge features only and default regularisation parameters; and 2) default feature
and regularisation parameters. Models were compared using sample-size corrected Akaike’s Information Criteria (AICc) with ENMtools 1.3 [50, 51].
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Model performance was assessed using the area under
the receiver operating characteristic curve (AUC) [52]
for both training and testing data sets. Ten-fold crossvalidation was used to estimate errors around fitted
functions and predictive performance on held-out data,
except for the NEA Flours in which 4-fold crossvalidation was used due to the low number of spatially
unique records. Variable importance was determined by
measuring the contribution of each variable to model
improvement during the training process (percent of
contribution), and by jackknife tests implemented in
MaxEnt. Model predictions were visualised from MaxEnt logistic outputs using DIVA-GIS 7.2.1.1. [53]. Pairwise comparisons of model predictions were carried out
by calculating the I statistic of Warren et al. [54] and
Schoener’s D [55] as implemented in ENMtools 1.3. To
evaluate whether the models generated for each genetic
cluster are more different than expected if they were
drawn from the same underlying distribution, we performed the niche identity test [54] included in ENMtools
1.3 with 100 replicates.
All the maps used in this study were freely available at
http://www.diva-gis.org/Data.

Results
Inference of genetic clusters

Bayesian population structure analysis of the complete
SSR data matrix (10 SSR, 1288 individuals) supported
the existence of five distinct genetic clusters, as inferred
from the joint assessment of the log-likelihood of the
data conditional on K (LnP(D)) and the rate of change
in the log likelihood of the data between successive K
values (ΔK) (Additional file 1: Figure A2). As suggested
in previous studies [8], the peak of ΔK at K = 2 was considered an artefact resulting from the low likelihoods of
K = 1. At K = 5, the retrieved clusters showed a clear
geographic patterning. We recovered Highland Mexico
and US landraces forming a single cluster, (hereafter referred to as HM-US), and two of the main groups previously described for South America by Vigouroux et al.
[8], i.e. Andean and Tropical Lowland. The remaining
two groups were primarily composed of NEA floury
landraces (hereafter referred to as NEA Flours) and
NEA popcorn landraces (hereafter referred to as NEA
Popcorns) (Fig. 1). To test whether differences in sampling strategies and intensities among the groups could
influence STRUCTURE results, we carried out a new
STRUCTURE analysis with a reduced number of NEA
individuals (a random subset of 50 individuals from
NEA Flours and 50 individuals from NEA Popcorns). As
a result, we retrieved the same five previously identified
groups, suggesting that the observed distinctiveness of
NEA landraces was not an artefact due to redundant
sampling (Additional file 1: Figure A3).
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Analysis of STRUCTURE outputs showed that membership coefficients (Q) in a given cluster were higher
than 0.80 for 79 % of the individuals. Following this criterion, 145 individuals were assigned to HM-US, 275 to
Andean, 157 to Tropical Lowland, 344 to NEA Flours,
and 99 to NEA Popcorns, whereas 268 (21 %) were classified as admixed (Additional file 2: Table A2). Interestingly, accessions from Brazil previously ascribed to the
Tropical Lowland group by Vigouroux et al. [8] had a
relatively high contribution from the NEA Flours (average Q = 0.25), with some individuals reaching Q ≥0.80.
Conversely, several NEA Flours individuals showed remarkable contributions from the Tropical Lowland gene
pool, particularly those collected outside the Guaraní
communities in the province of Misiones, Argentina
(Fig. 1, Additional file 2: Table A2).
The genetic drift parameter identified the Tropical
Lowland (mean F = 0.032) and HM-US (mean F =
0.038) as the most similar to a common hypothetical
ancestor, followed by the Andean (mean F = 0.087),
whereas the NEA Flours (mean F = 0.172) and the NEA
Popcorns (mean F = 0.539) appeared as the most divergent groups (Fig. 1c).
The genetic structuring patterns obtained using DAPC
were mostly concordant to those from Bayesian analysis,
but group boundaries were less clearly defined. The kmeans algorithm identified k = 20 as the most likely
number of groups; however, a close inspection of individual assignments showed that many of these groups
resulted from the subdivision of the five clusters obtained by STRUCTURE (Additional file 1: Figure A4).
To visually compare the results between analyses, we
generated DAPC scatterplots based on the first three
principal components, with individuals being colourcoded according to their assignment by STRUCTURE.
Figure 2 shows that individuals belonging to the different gene pools occupy different, yet partially overlapping, areas in the DAPC scatterplot, and that the
Tropical Lowland cluster is placed in an intermediate
position.
Genetic diversity and differentiation

Given the clear-cut differentiation among the NEA
Flours, NEA Popcorns and the remaining regional gene
pools, we analysed the levels and distribution of genetic
variability among the inferred clusters. For this purpose,
we computed diversity indices and pairwise allele frequency divergence estimates among groups (Table 1,
Additional file 1: Table A4, Table A5).
Regardless of sample-size corrections, a consistent pattern was apparent for all the diversity estimates. The
HM-US and Tropical Lowland exhibited the highest
variability estimates, followed by the Andean, NEA
Flours and NEA Popcorns. The HM-US also showed the
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Fig. 1 Estimated population structure of maize landraces from the Americas. a STRUCTURE bar plots for K = 5. Each vertical line represents an
individual and colours represent their inferred ancestry from K ancestral populations. Individuals are ordered by sampling region and source study.
b Geographical distribution of the clusters inferred by STRUCTURE. Dotted lines indicate the geographic extent considered for each chart. c Posterior
densities of the genetic drift parameter (F) from STRUCTURE correlated allele frequency model. 1 Data from Vigouroux et al. [8]; 2 data from Lia et al.
[15]; 3 data from Bracco et al. [14]; 4 data from this study. * Brazilian accessions. HM-US: Highland Mexico and US; NWA: North Western Argentina; NEA:
North Eastern Argentina

highest number of private alleles in both global and pairwise comparisons (Additional file 1: Table A4).
Allele frequency divergence ranged from 0.048 (HMUS vs. Tropical Lowland) to 0.236 (HM-US vs. NEA
Popcorns) (Additional file 1: Table A5). The Neighbour-

joining network placed the Tropical Lowland in a central
position, flanked by the HM-US and Andean on one side
and the NEA Flours and NEA Popcorns on the other
side, albeit with low bootstrap support (Additional file 1:
Figure A5).
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Fig. 2 Multivariate analysis of SSR variation in maize landraces from the Americas. Scatterplot of the Discriminant Analysis of Principal Components
(DAPC). Dots represent individual samples coloured according to the STRUCTURE assignments. HM-US: Highland Mexico and US

Adh2 sequence analysis

To assess whether the marked differentiation detected
for the NEA groups in the SSR analyses was in agreement with the ancient structuring pattern reported by
Freitas et al. [7], we examined the microsatellite allele
types at the Adh2 locus in a subset of NEA and NWA
landraces from the SSR data matrix and analysed it in
conjunction with previous data as described in the

Table 1 Indicators of genetic diversity within the genetic clusters
inferred by STRUCTURE
He

A
b

Rs
b

PAR
c

PA
c

NEA Flours (N = 344)

0.662

8.38

0.51

3

NEA Popcorns (N = 99)

0.383c

4.2c

4.04d

0.03d

0

a

a

a

a

11.1

Tropical Lowland (N = 157)

0.787

17.4

14.84

2.24

23

Andean (N = 275)

0.668b

15.5a

11.79b

0.95b,c

17

a

a

a

a,b

39

HM-US (N = 145)

0.823

18.1

15.87

3.27

He gene diversity, A mean number of alleles per locus, Rs allelic richness, PAR
Private allelic richness, PA number of private alleles over all loci
Rarefaction analyses were performed with a sample size of 73. Values with
different letters are significantly different from each other (p < 0.05, Wilcoxon
signed-rank test). HM-US: Highland Mexico and US

Methods section. To test the association between allele
types and geographic regions, three groups were delimited based on the origin of the individuals, that is,
Andean (west of 60° W), Middle Southern South
America (MSSA, between 53°W and 60°W), and Eastern
South America (ESA, east of 53°W). The MSSA region
encompasses NEA and adjacent areas of Paraguay,
Bolivia and western Brazil, whereas the ESA region encompasses northern, central and eastern Brazil.
Six microsatellite allele types were recognised in
the compiled Adh2 microsatellite dataset (N = 497),
with the most frequent being (GA)n, (GA)nTA, and
GAAA(GA)n (Additional file 1: Figure A6). Counts of
microsatellite allele types for each region are provided
in Additional file 1: Table A6. The relative abundance
of these motifs in the Andean, MSSA and ESA
regions is presented in Fig. 3. The distribution of allele types shows remarkable differences between the
Andean and ESA regions (ML-G2 = 33.10; p <0.0001;
d.f. = 2) and between the MSSA and ESA regions
(ML-G2 = 15.26; p <0.0005; d.f. = 2). Conversely, differences between MSSA and the Andean region were
non-significant.
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Fig. 3 Relative abundance (by region) of Adh2 microsatellite motifs
in maize landraces from the Americas. Andean (west of 60°W), MSSA:
Middle Southern South America (between 53°W and 60° W); ESA:
Eastern South America (east of 53°W)

Geographic distribution modelling

The bounded geographic distribution of the genetic clusters identified here prompted us to investigate whether
the observed genetic structuring was accompanied by
distinct environmental requirements, especially for lowland germplasm. Habitat suitability models were obtained for four of the genetic clusters inferred by
STRUCTURE, using two feature settings. Occurrence locations are given in Additional file 3: Table A7.
Criterion-based model selection procedures using AICc
were only applicable to the Andean and HM-US, favouring models fitted under default feature and regularisation parameters (Andean: AICc default = 2971.31; AICc
hinge = 3138.87; HM-US: AICc default = 3629.28; AICc
hinge = 4572.48). For the NEA Flours and Tropical Lowland, the number of parameters was higher than the
number of occurrence points, thus precluding the use of
AICc for model selection. Taking into account the results from model comparisons and that none of the
groups showed differences in performance measures
(i.e., AUCtrain and AUCtest) between default and hinge
feature settings, we decided to continue our analysis
based on the results with default settings. Crossvalidated estimates of AUC were above 0.930 for all the

groups, indicating high model discrimination ability
(Table 2).
Geographic distribution models produced by averaging
cross-validation replicates are presented in Fig. 4. High
values indicate a high probability of suitable conditions,
intermediate values indicate conditions typical of those
where the individuals are found, and low values indicate
low probability of suitable conditions. The predicted distributions are in good agreement with the known cultivation areas for each group. A distinct spatial pattern is
readily apparent, albeit with varying degrees of overlap
among groups. The Tropical Lowland cluster showed
the largest area of suitable habitats, which contrasts with
the restricted predicted distribution of the NEA Flours.
The Andean and HM-US also exhibited largely confined
habitat suitability distributions associated with altitude.
The variables with highest average relative contribution
are summarised in Table 2. The predictors with the most
information not present in the other variables were: mean
temperature of driest quarter (BIO9) for the NEA Flours,
altitude for the Tropical Lowland, temperature seasonality
(BIO4) for the Andean and precipitation of coldest quarter
(BIO19) for the HM-US.
Pairwise comparison of I and D indices applied to
habitat suitability distributions revealed significantly different model predictions for each group (Table 3).

Discussion
Our results reveal the occurrence of three clearly distinct gene pools in the lowlands of South America,
namely: Tropical Lowland, NEA Flours and NEA Popcorns. Although Vigouroux et al. [8] recognised some
sub-groups within the Tropical Lowland with a geographical distribution similar to that of the NEA groups,
their importance was overlooked probably due to the
sampling strategy used by these authors.
Both the Bayesian and DAPC methods show a clear
separation among the NEA Flours, NEA Popcorns and
the remaining clusters. Although DAPC inferred a larger
optimal cluster number, the groups obtained are compatible with those from STRUCTURE since they represent subdivisions within the latter. These findings are
consistent with the higher sensitivity of DAPC for

Table 2 Geographic distribution models of the maize clusters inferred by Bayesian analysis. Evaluation and variable importance
Genetic Cluster

k-fold cv

AUCtrain (mean ± SD)

AUCtest (mean ± SD)

Variable importance (percent contribution)
Var1

Var2

Var3

NEA Flours

5

0.997 ± 0.001

0.994 ± 0.006

BIO3 (23.24)

BIO18 (17.26)

BIO4 (13.42)

Tropical Lowland

10

0.968 ± 0.002

0.938 ± 0.019

BIO4 (40.3)

BIO3 (22.9)

BIO16 (9.49)

Andean

10

0.992 ± 0.001

0.977 ± 0.018

Alt (35.75)

BIO4 (32.38)

BIO13 (7.04)

HM-US

10

0.968 ± 0.003

0.949 ± 0.038

BIO2 (34.49)

Alt (17.89)

BIO1 (12.39)

cv cross-validation, Alt altitude, BIO1 Annual mean temperature, BIO2 Mean diurnal range, BIO3 Isothermality; BIO4 Temperature seasonality, BIO13 Precipitation of
wettest month, BIO16 Precipitation of wettest quarter, BIO18 Precipitation of warmest quarter, HM-US Highland Mexico and US

Bracco et al. BMC Plant Biology (2016) 16:186

Page 9 of 13

Fig. 4 Predicted habitat suitability distributions of the genetic groups inferred for maize landraces from the Americas. a NEA Flours; b Tropical
Lowland; c Andean; d Highland Mexico and US (HM-US). Warmer (red) colours represent more suitable habitats

detecting substructure in hierarchical models [28]. Notwithstanding these discrepancies and regardless of the
presence (or not) of additional substructuring, it is clear
that the genetic groups detected in the NEA are well differentiated from the other South American gene pools.
Table 3 Comparison of habitat suitability distributions between
the genetic clusters inferred for maize landraces of the Americas
NEA Flours
NEA Flours

Tropical lowland

Andean

HM-US

0.612**

0.284**

0.414**

0.636**

0.558**

Tropical lowland

0.294**

Andean

0.127**

0.357**

HM-US

0.183**

0.301**

0.424**
0.224**

I statistic of Warren et al. [54] (above diagonal) and Schoener’s D [55] (below
diagonal). Both indices measure the similarity of habitat suitability distributions
and range from 0 (no overlap) to 1 (complete overlap). HM-US: Highland Mexico
and US. **p < 0.01

As mentioned before, the composition of the Tropical
Lowland cluster obtained in our analysis is similar to
that reported by Vigouroux et al. [8], including, among
others, lowland accessions from southwestern Mexico,
which has been proposed as the centre of maize domestication. The central position of this assemblage in both
the DAPC scatterplot and the Neighbour-joining network is consistent with the ancestral condition of the
Tropical Lowland germplasm. Moreover, this group
shows the lowest value of the genetic drift parameter
(F), thus supporting its ancestral condition. In the
present work, the Andean complex emerged as a clearly
separate entity, in agreement with several previous
studies [1, 6, 9, 10]. According to van Heerwaarden
et al. [12] the Andean germplasm was the most divergent group from a common hypothetical ancestor, i.e.
had the largest estimate of the drift parameter, but our
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results indicate an even greater degree of divergence
for the NEA Flours and the NEA Popcorns, once again
highlighting their uniqueness. In contrast with the results of Vigouroux et al. [8], our analyses failed to discriminate between Highland Mexico and US landraces,
which were thus assigned to a single complex. This
could be partly due to a decrease in the number of
markers, and also to the inclusion of new individuals
belonging to two well-differentiated groups (i.e. NEA
Flours and NEA Popcorns). However, this lack of resolution is compatible with the similarities previously described by Vigouroux et al. [8], who suggested that the
landraces of northern US were derived from those of
the southwestern US, which in turn were derived from
those of northern Mexico.
The levels of diversity constitute an important factor
in interpreting the high differentiation of the NEA
groups. If these would have derived from any of the
major groups in relatively recent times and then subjected to isolation by cultural or environmental factors,
one would expect the diversity levels to be low and the
allelic variants to be a subset of the original gene pool.
Our analysis of diversity indices revealed that the variability levels of the NEA Flours were similar to those of
the Andean group, whereas the NEA Popcorns had the
lowest estimates (Table 1). Moreover, the NEA Flours
also showed private alleles when compared to the other
groups -though in small number- evidencing that the divergence found here is not only based on differences in
the distribution of allelic frequencies. Interestingly, the
highest diversity indices, including the number of private alleles, corresponded to the HM-US and Tropical
Lowland groups, with the former having slightly
higher values. Although differences were not statistically significant, these results are consistent with recent studies suggesting that maize landraces from the
Mexican highlands received a substantial genetic contribution from the teosinte Zea mays ssp. mexicana
[12]. In summary, the levels of genetic diversity found
for NEA Flours do not coincide with those expected
under a severe bottle-neck scenario followed by isolation; in contrast, the NEA Popcorns showed a remarkably low variability.
The frequency distribution analysis of the Adh2 microsatellite allele types considered here revealed that statistically significant differences were found between ESA
and MSSA, and between ESA and Andean regions. Since
most of the data were collected from the literature, we
could not establish a direct link between the geographic
origin of all the individuals included in the analysis and
their membership to any of the genetic groups inferred
from our SSR analysis. However, the differences in the
distribution of Adh2 microsatellite motifs between ESA
and MSSA provide additional evidence favouring the
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existence of two distinct genetic groups in the lowlands
of South America, with NEA Flours and NEA Popcorns
sampling localities being contained within the boundaries of the MSSA category. On the other hand, the
homogeneity found between Andean and MSSA is in
agreement with the view of previous authors that
Andean germplasm had an influence on the landraces
of middle South America [6, 8, 10].
Local adaptation has played a key role in the dispersal
and adoption of the different maize landraces which are
currently cultivated in South America. Native landraces
are maintained by local small-scale producers using traditional agro-technologies, with yield largely depending
on weather conditions. On this basis, the knowledge of
crop environmental requirements across different areas,
together with a comprehensive genetic characterisation,
may greatly contribute to elucidate the mechanisms
underlying adaptation patterns at a local scale. Our work
is the first one to investigate the relationship between
genetic groups and environmental distribution models
for South American maize. Distribution modelling studies focused on maize have been conducted at the landrace level [16, 17]. It is well-known, however, that the
name given to a landrace does not always correspond to
its genetic constitution, and that different entities
assigned to the same landrace may differ more from
each other than from the entities of other landraces. In
an attempt to overcome these difficulties, we modelled
the distribution of the genetic groups regardless of
their designation because we assumed that the genetic
composition is more informative on the adaptation to
environmental conditions. Besides the evidence of differentiation provided by the analyses of SSR and Adh2
microsatellite variability, the inferred genetic groups from
the lowlands of South America, i.e. Tropical Lowland and
NEA Flours, also showed significantly different habitat
suitability models, not only between each other but also
with the other gene pools (Table 3).
The two groups from the lowlands are strongly influenced by variables related to temperature (isothermality and temperature seasonality), though they seem to
be affected differently by the rainfall regime, with a
greater impact on NEA Flours. Altitude appears as a
determinant factor for HM-US and Andean (Table 2),
but with different maximum gain values (about 2500
and 3500 m, respectively). In agreement with our findings, recent studies of adaptation to high elevation in
maize revealed that Highland Mexico and Andean
landraces have largely distinct gene sets involved in
highland adaptation [56]. On the other hand, it is
worthy to mention that only the model of HM-US
shows an important contribution of the variable mean
diurnal range, probably because this group includes numerous temperate accessions.
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Like in our study, Hufford et al. [16] found that
temperature seasonality is the most important variable
for the teosintes and four indigenous maize landraces of
Mexico. However, despite the fact that their landraces
would probably be included in one or more of the
groups inferred here, in general, they obtained different
importance rankings for the variables. This could be related to the grouping criterion (i.e. landrace assignment
vs. genetic structure), and to differences in the geographic scale considered. Indeed, it has been proposed
that climatic variables are major limiting factors at
large spatial scales, whereas the effect of climate is
often masked by responses to local environmental variables such as soil, terrain, and habitat type at finer
spatial scales [57].
In addition to our results of genetic and distribution
modelling, diverse sources of evidence support the existence of a particular maize group from lowland middle
South America. Most of the landraces of NEA Flours
and all of the landraces of NEA Popcorns were collected
from the Guaraní indigenous communities settled in
the province of Misiones, Argentina. In contrast, NEA
landraces collected outside these communities and currently maintained in the Germplasm Bank of INTA
Pergamino, appeared to be greatly influenced by the
Tropical Lowland gene pool (Fig. 1). In accordance with
our findings, McClintock et al. [6] identified a South
American complex named “Central Region group” of
uncertain origin and age. The landraces of this group
showed distinctive chromosome features contrasting
markedly with landraces occurring in the vicinity; they
were cultivated by the Guaraní and Kaingang communities principally distributed in Northeastern Argentina,
Paraguay, southern Bolivia and southwestern Brazil.
Moreover, the germplasm cultivated by the Guaraní
people was included into the category “indigenous
landraces” by Paterniani & Goodman [58], who recognised four major types: Avatí morotí, a floury yellow
corn (the most abundant type), Avatí tupí or Cristal, a
white Flint, and two popcorns, namely the round kernel
type and the pointed kernel type. These authors assumed that popcorn maize was only cultivated in the
region by the Guaraní people, whereas the Avatí morotí
type was an ancient group which spread earlier, at a
time when there were few maize landrace groups. In
this context, it is reasonable to hypothesize that the
landraces within the NEA Flours, which are locally
known as Avatí (e.g. Avatí morotí, Avatí pará, Avatí yui)
[59], correspond to either the Central Region or Avatí
Morotí groups. Likewise, the remarkable genetic differentiation and the low variability levels among the NEA
Popcorns coincide with the classification of Sanchez
et al. [60] for the “Guaraní Popcorns” group based on
morphological and isoenzymatic data; this also suggests
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a possible correspondence between both groups. Further study is needed to elucidate the precise origin of
the NEA germplasm, as well as the route and date of
their introduction.

Conclusions
Different authors have proposed middle South America
as a contact region where the Andean landraces interbred with those of the eastern coast of South America
[8, 11]. However, our data indicate that it is only a partial description of maize dynamics in middle South
America. We believe that this region may have played a
far more important role in the structuring of genetic
variation since it harbours a unique, locally adapted gene
pool. Here, we highlight its distinctiveness for the first
time, and provide relevant information for the conservation and utilization of these genetic resources, as well as
for a better understanding of environment-genotype associations in the context of maize population structure
and historical processes.
Additional files
Additional file 1: Figure A1. Sampling localities of the individuals
included in this study. Figure A2. Evaluation of STRUCTURE outputs.
Figure A3. Sampling intensity and population structure. Figure A4.
Discriminant Analysis of Principal Components (DAPC). Figure A5.
Neighbour-joining network based on FST coefficients between the
genetic clusters of maize landraces inferred by STRUCTURE. Figure A6.
Frequency of the Adh2 microsatellite allele types in maize landraces
from the Americas (N = 497). Table A1. Maize landraces from Northeastern
Argentina genotyped for the present study. Table A3. Adh2 microsatellite
allele types present in the landraces sequenced in this study. MSSA: Middle
Southern South America. Table A4. Pair-wise comparison of private
alleles between the genetic clusters inferred by STRUCTURE. Table A5.
Differentiation among maize genetic clusters. Table A6. Adh2 microsatellite
allele type counts per region including archaeological specimens, primitive
and historic landraces (N = 497). Data from this study, Goloubinoff et al. [42],
Freitas et al. [7] and Grimaldo Giraldo [18]. (DOCX 3582 kb)
Additional file 2: Table A2. Compiled SSR data matrix (Excel). (XLSX
110 kb)
Additional file 3: Table A7. Occurrence locations used for geographic
distribution modelling. (XLSX 18 kb)

Acknowledgements
We wish to thank the Guaraní communities and the Maize Germplasm Bank
INTA Pergamino for providing the maize landraces used in this study and Dr.
S. Pietrokovsky for kindly revising the English of the manuscript. We are also
thankful to the anonymous reviewers whose comments and suggestions
helped improve the manuscript.
Funding
Funding for this work was provided by the Consejo Nacional de Investigaciones
Científicas y Técnicas (CONICET PIP 11220120100416CO 2013–2015), the
Universidad de Buenos Aires (UBA, EX178), and the Agencia Nacional de
Promoción Científica y Tecnológica (ANPCyT, PICT 2012–0325).
Availability of data and material
The SSR and geo-referenced occurrence data sets supporting the conclusions
of this article are included within the article and Additional files 2 and 3.
The Adh2 microsatellite sequence data generated in this study is available

Bracco et al. BMC Plant Biology (2016) 16:186

in GenBank, with the accession numbers KU304471 to KU304494. Adh2
microsatellite motifs counts are included within Additional file 1.
Authors’ contributions
MB and JCH collected maize landraces from the Guaraní communities of
Misiones. JCH conducted the taxonomic identification of landraces. MB and
JC performed the genotyping experiments. MB, AMG and VVL analysed and
interpreted the data. MB, AMG and VVL drafted and edited the manuscript.
AMG and VVL conceived and designed the study. LP initiated the project
and contributed to the work by the interpretation and discussion of the
data. All authors reviewed and approved the final manuscript.
Competing interests
The authors declare that they have no competing interests.
Consent for publication
Not applicable.
Ethics approval and consent to participate
Not applicable.
Author details
1
Departamento de Ecología, Genética y Evolución, Facultad de Ciencias
Exactas y Naturales, Universidad de Buenos Aires, Intendente Güiraldes y
Costanera Norte s/n, 4to, Piso, Pabellón II, Ciudad Universitaria, C1428EHA
Ciudad Autónoma de Buenos Aires, Argentina. 2Escuela de Ciencias Agrarias,
Naturales y Ambientales, Universidad Nacional del Noroeste de la Provincia
de Buenos Aires, Av. Pte. Dr. Arturo Frondizi, N° 2650 Pergamino, Buenos
Aires, Argentina. 3Consejo Nacional de Investigaciones Científicas y Técnicas
(CONICET), Avenida Rivadavia 1917, C1033AAJ Ciudad Autónoma de Buenos
Aires, Argentina. 4Facultad de Agronomía, Universidad de Buenos Aires, Av.
San Martín 4453, C1417DSE Ciudad Autónoma de Buenos Aires, Argentina.
5
Instituto de Biotecnología, CICVyA, INTA, N. Repetto y De las Cabañas s/n
1686, Hurlingham, Buenos Aires, Argentina.
Received: 31 March 2016 Accepted: 15 August 2016

References
1. Matsuoka Y, Vigouroux Y, Goodman MM, Sanchez GJ, Buckler E, Doebley J.
A single domestication for maize shown by multilocus microsatellite
genotyping. Proc Natl Acad Sci U S A. 2002;99:6080–4.
2. Iriarte J, Holst I, Marozzi O, Listopad C, Alonso E, Rinderknecht A, et al.
Evidence for cultivar adoption and emerging complexity during the midHolocene in the La Plata basin. Nature. 2004;432:614–7.
3. Ranere AJ, Piperno DR, Holst I, Dickau R, Iriarte J. The cultural and chronological
context of early Holocene maize and squash domestication in the Central
Balsas River Valley, Mexico. Proc Natl Acad Sci U S A. 2009;106:5014–8.
4. Grobman A, Bonavia D, Dillehay TD, Piperno DR, Iriarte J, Holst I. Preceramic
maize from Paredones and Huaca Prieta, Peru. Proc Natl Acad Sci U S A.
2012;109:1755–9.
5. Blake M. Dating the initial spread of Zea mays. In: Staller J, Tikot R, Benz B,
editors. Histories of Maize:multidisciplinary approaches to prehistory,
linguistics, biogeography, domestication, and evolution of maize. London:
Academic; 2006. p. 55–72.
6. McClintock B, Kato TA, Blumenschein A. Chromosome Constitution of the
Races of Maize, Its Significance in the Interpretation of Relationships
Between Races and Varieties in the Americas. Chapingo: Colegio de
Postgraduados; 1981.
7. Freitas FO, Bendel G, Allaby RG, Brown TA. DNA from primitive maize
landraces and archaeological remains: implications for the domestication of
maize and its expansion into South America. J Archaeol Sci. 2003;30:901–8.
8. Vigouroux Y, Glaubitz JC, Matsuoka Y, Goodman MM, Sánchez GJ, Doebley
J. Population structure and genetic diversity of New World maize races
assessed by DNA microsatellites. Am J Bot. 2008;95:1240–53.
9. Goodman MM, Bird RM. The Races of maize IV: tentative grouping of 219
Latin American races. Econ Bot. 1977;31:204–21.
10. Goodman MM, Brown WL. Races of corn. In: Sprague GF, Dudley JW, editors.
Corn and corn improvement. Madison: American Society of Agronomy; 1988.
p. 33–79.

Page 12 of 13

11. Tenaillon MI, Charcosset A. A European perspective on maize history. C R
Biol. 2011;334:221–8.
12. van Heerwaarden J, Doebley J, Briggs WH, Glaubitz JC, Goodman MM, de
Jesus Sanchez Gonzalez J, et al. Genetic signals of origin, spread, and
introgression in a large sample of maize landraces. Proc Natl Acad Sci U S
A. 2011;108:1088–92.
13. Mir C, Zerjal T, Combes V, Dumas F, Madur D, Bedoya C, et al. Out of
America: tracing the genetic footprints of the global diffusion of maize.
Theor Appl Genet. 2013;126:2671–82.
14. Bracco M, Lia VV, Hernández JC, Poggio L, Gottlieb AM. Genetic diversity of
maize landraces from lowland and highland agro-ecosystems of Southern
South America: Implications for the conservation of native resources. Ann
Appl Biol. 2012;160:308–21.
15. Lia VV, Poggio L, Confalonieri VA. Microsatellite variation in maize landraces
from Northwestern Argentina: Genetic diversity, population structure and
racial affiliations. Theor Appl Genet. 2009;119:1053–67.
16. Hufford MB, Martínez-Meyer E, Gaut BS, Eguiarte LE, Tenaillon MI. Inferences
from the historical distribution of wild and domesticated maize provide
ecological and evolutionary insight. PLoS One. 2012;7:e47659.
17. Ureta C, Martínez-Meyer E, Perales HR, Álvarez-Buylla ER. Projecting the
effects of climate change on the distribution of maize races and their wild
relatives in Mexico. Glob Chang Biol. 2012;18:1073–82.
18. Grimaldo Giraldo CJ. Investigating the Evolutionary History of Maize in
South America. PhD thesis, University of Manchester, Manchester, UK.
19. Bracco M, Lia VV, Gottlieb AM, Cámara Hernández J, Poggio L. Genetic
diversity in maize landraces from indigenous settlements of Northeastern
Argentina. Genetica. 2009;135:39–49.
20. Pritchard JK, Stephens M, Donnelly P. Inference of population structure
using multilocus genotype data. Genetics. 2000;155:945–59.
21. Waits LP, Luikart G, Taberlet P. Estimating the probability of identity among
genotypes in natural populations: Cautions and guidelines. Mol Ecol. 2001;
10:249–56.
22. Peakall R, Smouse PE. GENALEX 6: Genetic analysis in Excel.
Population genetic software for teaching and research. Mol Ecol
Notes. 2006;6:288–95.
23. Falush D, Stephens M, Pritchard JK. Inference of population structure using
multilocus genotype data: linked loci and correlated allele frequencies.
Genetics. 2003;164:1567–87.
24. Evanno G, Regnaut S, Goudet J. Detecting the number of clusters of
individuals using the software STRUCTURE: a simulation study. Mol Ecol.
2005;14:2611–20.
25. Earl DA, von Holdt BM. STRUCTURE HARVESTER: A website and program for
visualizing STRUCTURE output and implementing the Evanno method.
Conserv Genet Resour. 2012;4:359–61.
26. Rosenberg NA. DISTRUCT: A program for the graphical display of population
structure. Mol Ecol Notes. 2004;4:137–8.
27. Nicholson G, Smith AV, Jónsson F. Assessing population differentiation and
isolation from single-nucleotide polymorphism data. J R Statist Soc B. 2002;
64:695–715.
28. Jombart T, Devillard S, Balloux F. Discriminant analysis of principal components:
a new method for the analysis of genetically structured populations. BMC
Genet. 2010;11:94.
29. Jombart T. Adegenet: A R package for the multivariate analysis of genetic
markers. Bioinformatics. 2008;24:1403–5.
30. Legendre P, Legendre L. Numerical ecology. 2nd ed. Amsterdan: Elsevier; 1998.
31. El Mousadik A, Petit R. High level of genetic differentiation for allelic
richness among populations of the argan tree endemic to Morocco. Theor
Appl Genet. 1996;92(7):832–9.
32. Nei M. Molecular Evolutionary Genetics. Tempe: Arizona State University; 1987.
33. Goudet J. FSTAT: a computer program to calculate F-Statistics. J Hered.
2013;104:586–90.
34. Szpiech ZA, Jakobsson M, Rosenberg NA. ADZE: a rarefaction approach for
counting alleles private to combinations of populations. Bioinformatics.
2008;24:2498–504.
35. Glaubitz JC. CONVERT: A user-friendly program to reformat diploid genotypic
data for commonly used population genetic software packages. Mol Ecol
Notes. 2004;4:309–10.
36. Saitou N, Nei M. The neighbour-joining method: a new method for
reconstructing phylogenetic trees. Mol Biol Evo. 1987;4:406–25.
37. Felsenstein J. Phylip: phylogeny inference package (version 3.2). Cladistics.
1989;5:164–6.

Bracco et al. BMC Plant Biology (2016) 16:186

Page 13 of 13

38. Liu K, Muse SV. PowerMarker: an integrated analysis environment for
genetic marker analysis. Bioinformatics. 2005;21:2128–9.
39. Rambaut A. FigTree, a graphical viewer of phylogenetic trees. 2009.
http://tree.bio.ed.ac.uk/software/figtree/. Accessed 18 Nov 2015.
40. Untergasser A, Cutcutache I, Koressaar T, Ye J, Faircloth BC, Remm M, et al.
Primer3-new capabilities and interfaces. Nucleic Acids Res. 2012;40:1–12.
41. Hall TA. BioEdit: a user-friendly biological sequence alignment editor and
analysis program for Windows 95/98/NT. Nucleic Acids Symp Ser. 1999;41:95–8.
42. Goloubinoff P, Pääbo S, Wilson AC. Evolution of maize inferred from
sequence diversity of an Adh2 gene segment from archaeological
specimens. Proc Natl Acad Sci U S A. 1993;90:1997–2001.
43. Di Rienzo JA, Casanoves F, Balzarini M, Gonzalez L, Tablada M, Robledo CW.
Infostat version 2013. (2013) http://www.infostat.com.ar. Accessed 15 Oct 2013.
44. Phillips SJ, Anderson RP, Schapire RE. Maximum entropy modeling of
species geographic distributions. Ecol Modell. 2006;190:231–59.
45. Elith J, Phillips SJ, Hastie T, Dudík M, Chee YE, Yates CJ. A statistical
explanation of MaxEnt for ecologists. Divers Distrib. 2011;17:43–57.
46. Merow C, Smith MJ, Silander JA. A practical guide to MaxEnt for modeling
species’ distributions: What it does, and why inputs and settings matter.
Ecography (Cop). 2013;36:1058–69.
47. Scheldeman X, Van ZM. Training Manual on Spatial Analysis of Plant
Diversity and Distribution. Rome: Bioversity International; 2010. http://www.
bioversityinternational.org/e-library/publications/detail/training-manual-onspatial-analysis-of-plant-diversity-and-distribution. Accessed 15 Nov 2015.
48. Hijmans RJ, Cameron SE, Parra JL, Jones PG, Jarvis A. Very high resolution
interpolated climate surfaces for global land areas. Int J Climatol. 2005;25:
1965–78.
49. Phillips SJ, Dudík M. Modeling of species distributions with Maxent: new
extensions and a comprehensive evaluation. Ecography (Cop). 2008;31:161–75.
50. Warren DL, Glor RE, Turelli M. ENMTools: A toolbox for comparative studies
of environmental niche models. Ecography (Cop). 2010;33:607–11.
51. Warren DL, Seifert SN. Ecological niche modeling in Maxent : the
importance of model complexity and the performance of model selection
criteria. Ecol Appl. 2011;21:335–42.
52. Hanley JA, McNeil BJ. The meaning and use of the area under a receiver
operating characteristic (ROC) curve. Radiology. 1982;143:29–36.
53. Hijmans RJ, Guarino L, Cruz M, Rojas E. Computer tools for spatial analysis of
plant genetic resources data: 1. DIVA-GIS. Plants Genet Resour Newsl. 2001;
127:15–9.
54. Warren DL, Glor RE, Turelli M. Environmental niche equivalency versus
conservatism: Quantitative approaches to niche evolution. Evolution. 2008;
62:2868–83.
55. Schoener TW. The Anolis lizards of Bimini: Resource partitioning in a
complex fauna. Ecology. 1968;49:704.
56. Takuno S, Ralph P, Swarts K, Elshire RJ, Glaubitz JC, Buckler ES, et al.
Independent molecular basis of convergent Highland adaptation in maize.
Genetics. 2015. doi:10.1534/genetics.115.178327.
57. Gaston KJ. Measuring geographic range sizes. Ecography (Cop). 1994;17:
198–205.
58. Paterniani E, Goodman MM. Races of Maize in Brazil and Adjacent Areas.
Texcoco: Centro Internacional de Mejoramiento de Maiz y Trigo; 1977.
59. Cámara Hernández J, Miante Alzogaray AM, Bellón R, Galmarini AJ. Razas de
maíz nativas de la Argentina. Buenos Aires: Editorial Facultad de Agronomía,
Universidad de Buenos Aires; 2012.
60. Sánchez JJG, Goodman MM, Stuber CW. Racial diversity of maize in Brazil
and adjacent areas. Maydica. 2007;52:13–30.

Submit your next manuscript to BioMed Central
and we will help you at every step:
• We accept pre-submission inquiries
• Our selector tool helps you to find the most relevant journal
• We provide round the clock customer support
• Convenient online submission
• Thorough peer review
• Inclusion in PubMed and all major indexing services
• Maximum visibility for your research
Submit your manuscript at
www.biomedcentral.com/submit

