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Introduction
The co-habitation of what seems to be a stable core of big players -the incumbents- with thou-
sands of small firms that typically exhibit high entry and exit rates escapes from the widely 
used two patterns of innovation introduced by Malerba and Orsenigo (1995, 1997), which they 
dubbed Schumpeter Mark I and Schumpeter Mark II. This paper integrates insights from the 
economics of innovation into political economy studies on intangible assets and associated rents 
to propose and provide evidence of an additional pattern of innovation and technological regime 
that I call intellectual monopoly (IM). As this paper shows, in this innovation pattern the inter-
play among heterogeneous firms is essential for innovation. Firms do not simply co-exist; they 
co-evolve and co-produce innovation.

The proposed IM pattern addresses intra-industry heterogeneities (Dosi, 1988) conceptualiz-
ing the interplay among different types of firms and with other non-firm actors. Innovation is 
here an outcome of heterogeneous actors’ mutual activity while the company exercising the IM 
captures the bulk of associated rents. Anticipating our reasoning, while Schumpeter Mark I was 
defined by creative destruction and Mark II by creative accumulation, the IM pattern can be 
characterized by creative appropriation. This innovation pattern renders particularly relevant to 
distinguish between the (co)producers of the innovation and those that benefit from it, leading 
to discussions on diffusion and economic growth.

By analysing the co-production of innovations, the second contribution of this paper is to elab-
orate on (the emergence, disappearance, and evolution of) patterns of innovation as contextually, 
thus historically, determined. Here, the possibility of an IM pattern of innovation is not only 
explained by referring to structural features of knowledge production but also building on polit-
ical, institutional, and economic transformations that fostered and shaped it. On the contrary, 
Malerba and Orsenigo (1995, 1997) considered that mostly intra-sectoral technological matters 
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2 C. Rikap

explained a sector’s pattern of innovation and its associated technological regime, among others 
because the empirical evidence they gathered showed similar patterns of intersectoral differences 
across the United States (US), Europe, and Japan. Furthermore, even if they provided examples 
of the evolution from Mark I to Mark II and vice versa, they did not contemplate additional 
patterns that could co-exist with or replace them.

The remainder of this paper is organized as follows. The next section summarizes the litera-
ture on patterns of innovation and introduces the possibility of a third pattern to complement 
Mark I and Mark II on the basis of recent work on rents, intangible assets and the persis-
tence of firms exercising intellectual monopolies. Against this backdrop and referring to recent 
political, economic and institutional transformations, section 3 elaborates on the emergence 
of intellectual monopolies vis-à-vis the surge in start-up companies, particularly observed for 
pharmaceuticals and information technologies. Section 4 presents the methodology used to 
provide evidence of a new pattern of innovation led by those intellectual monopolies in co-
habitation with turbulent peripheries, and my empirical findings are introduced in section 5. 
These findings are mobilized to compare the three patterns in terms of diffusion, effects on eco-
nomic growth and expected technological regimes in section 6. Final remarks are presented in
section 7.

2. Patterns of innovation and the growing concentration of intangible 
assets

2.1 Schumpeter Mark I and Schumpeter Mark II
In the Theory of Economic Development, Schumpeter (1934) conceived the introduction of new 
products, techniques and the creation of new markets (later on called innovations) as the driving 
force of the economic cycle. Economic growth was the net effect of what he defined as creative 
destruction: the creation of new firms at the expense of the destruction of those lagging. Poten-
tially any existing or new firm could innovate, thus, enjoy an extraordinary profit in the form 
of a rent until the other (surviving) firms of the industry adopt the innovation or another (new) 
firm innovates taking the lead. In his late work, on the contrary, Schumpeter (1942) argued that 
sometimes the creative side of the creative destruction remains in the hands of the same (big) 
corporations. He associated this with expensive research and development (R&D) endeavours 
that only firms with large laboratories and sufficient financial resources could undertake.

Based on both approaches, and considering Nelson and Winter’s (1982) modelization of these 
distinct behaviours, Malerba and Orsenigo (1995) proposed two patterns of innovation: Schum-
peter Mark I and Mark II. Drawing on the Theory of Economic Development, under Mark I 
entry is easy and small, often new, firms do the bulk of the innovation. Due to systematic entry, 
the innovative base is continuously expanding. Established firms cannot hold on to their com-
petitive and technological advantages in such a widening pattern of innovation. Mark II relies 
on Schumpeter’s (1942) late work. Here, innovative capabilities were continuously accumulated 
by a few dominant large firms, resulting in a deepening or “creative accumulation” pattern of 
innovation.

In a complementary piece, the authors found that industries sharing a technological regime 
follow the same pattern of innovation (Malerba and Orsenigo, 1997). In a later work, they 
defined and applied patent indicators to measure each feature of a pattern of innovation, finding 
more evidence of those two patterns studied in relation to technological regimes reinforcing the 
conclusion of the latter determining the former (Breschi et al., 2000).

These contributions provided a conceptualization of the whole innovation cycle, from inno-
vation to diffusion and economic growth. Under Mark I and Mark II, innovation is followed 
by imitation assuring a diffusion mechanism. Differences laid on the size of the innovators 
(and imitators) and, thus, on the speed of imitation. As Nelson and Winter (1982: 280) mod-
els showed, “market structure influences the speed with which transient quasi-rents are eroded 
away by imitators”. Imitation was conceived as typically slower under creative accumulation, 
extending rents in time which compensated for larger R&D investments. When imitators moved 
fast, larger firms could rely on their higher production level, productive capacity, marketing 
arrangements, and financial resources to exploit their innovations in shorter periods of time than 
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Intellectual monopolies as a new pattern of innovation and technological regime 3

smaller firms, harvesting rents that more than compensated initial investment (Nelson and Winter,
1982: 279).

Schumpeter Mark I and Mark II have been widely applied. Some authors studied how inno-
vation patterns and their associated technological regimes react to crises and others focused on 
the effects of having different innovation patterns on productivity and economic growth (see for 
instance Breschi et al., 2000; Castellacci, 2007; Archibugi et al., 2013; Fontana et al., 2013). 
Malerba and Orsenigo (1995, 1997) were criticized for associating patterns of innovation with 
industries given the latter internal heterogeneity. In fact, Malerba and Orsenigo (1996) identified 
the co-evolution of heterogeneous firms in biotechnology and ICT but they did not integrate this 
finding into their work on patterns of innovation.

Among critical papers, Leiponen and Drejer (2007) found that Finnish and Danish ser-
vice and manufacturing firms grouped even in the most narrowly defined industries do not 
follow the same pattern of innovation. In a similar vein, it was argued that industries or 
sectors may not necessarily provide a clearcut division given the application of digital tech-
nologies in the most varied sectors and leading to the emergence of cross-sectoral global value 
chains (GVCs) (Lee and Gereffi, 2021; Li et al., 2021). Li et al. (2021) also referred to the 
ample evidence showing the persistent leadership of incumbents, which for Malerba and Ors-
enigo (1997) was not a long-term issue because Mark II industries would eventually become 
more competitive, organizing innovation more closely to Mark I. Yet, following Dosi (1988), 
persistent leadership was the expected scenario in sectors with steep dynamic economies of
scale.

In fact, the models previously assembled by Nelson and Winter (1982) had analytically shown 
that industries that begin concentrated tend to remain concentrated and initially unconcentrated 
industries present a concentration tendency. In their models, concentration was the expected 
outcome when growth in size is necessary for profitability, such as when the R&D costs per 
innovation are higher. Concentration was also the most probable scenario when, continued the 
authors, the same firm innovated successfully again and again or when one innovation was suffi-
ciently dominant. The (increasing) gap with low productivity firms would lead the latter to reduce 
their R&D investment, which in turn would further limit catching up. Still, even as the concen-
tration of innovation prevailed, for Nelson and Winter (1982), imitation and thus some degree 
of diffusion would eventually take place.

However, imitation and diffusion depend on firms’ absorptive capacities, which are hetero-
geneous and path dependent. The capacity to absorb and produce new knowledge depends on 
already acquired knowledge. Firms at the knowledge frontier have the greatest absorptive capac-
ity to keep learning and innovating by absorbing new knowledge from their environment (Cohen 
and Levinthal, 1990). As they keep expanding the frontier, other firms’ innovative capabilities are 
curtailed. This could be reinforced by the fact that only firms above certain management capabil-
ity thresholds can benefit from R&D by translating creative outputs into performance outcomes 
(Coad et al., 2020). Therefore, there is no reason to believe that there will be diffusion and imi-
tation. As Dosi (1988: 1159) explained, even if in principle imitation and diffusion would mean 
industrial convergence, “asymmetries in the capabilities of firms impose limits on this tendency 
and its strength remains to be determined”.

This could lead to sustained leadership of a few with limited and unequal diffusion and imita-
tion. Overall, it is possible to conceive a scenario where firms that have already innovated keep 
innovating anew before imitation by relying on their previous successes. As I explain in section 3, 
such serial innovators could leverage on their sustained entry barriers to outsource R&D modules 
to turbulent peripheries without risking their lead and disproportionately garnering associated 
rents. Such a possibility would be aligned to previous empirical findings such as Cooke (2006) 
who concluded that Mark I and Mark II were not valid for explaining innovation networks 
between large pharmaceuticals and biotechnology start-ups. A similar conclusion was observed 
for the dynamics of start-ups and big tech companies (Rikap and Lundvall, 2021). Furthermore, 
such a scenario would be compatible with Marsili’s (2002) observation that entry and the cumu-
lative causation of innovation by established firms should not be seen as mutually exclusive 
mechanisms Precisely, their co-occurrence is at the basis of the IM pattern. Yet, before refer-
ring to this additional pattern, the next section explores the rise of an emerging subfield within 
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4 C. Rikap

political economy that, drawing on Marxist analyses of capitalism in the second half of the 20th

century, focuses on the recent concentration of intangible assets and associated rents. Together 
with the literature on economics of innovation overviewed here, these two frameworks provide 
the conceptual basis of the IM pattern proposed in this paper.

2.2 Monopoly capital and the concentration of intangible assets
Inspired by Schumpeter’s (1942) late work, for Baran and Sweezy (1966) giant corporations—
conceptualized as monopoly capital—were better equipped and had greater means to system-
atically introduce new science and technology than competitive firms However, they concluded 
that these corporations may not have the incentives to use that capacity, particularly if it risked 
eroding their existing market power. Distancing himself from this thesis, for Mandel (1978), 
big monopolies or oligopolies needed to keep on innovating because they were never fully 
shielded from competition. In fact, he associated late capitalism with an impressive growth in 
“scientific intellectual labour” driven by the “massive reunification of intellectual and produc-
tive activity, and the entry of intellectual labour into the sphere of production” (Mandel, 1978: 
252–253). Cowling and Sugden (1987: 106) integrated some of these ideas into the overall 
monopoly capital framework, also distinguishing between the co-production and appropria-
tion of knowledge by giant firms from smaller organizations or individuals, sometimes delaying
innovation.

The examination of big businesses’ concentration of innovation, and more generally all forms 
of intangibles, and its effect on economic accumulation recently regained popularity among 
political economists. In the US, it was suggested that an uneven distribution of intellectual prop-
erty rights (IPRs) explained profit differentials (Schwartz, 2016) and Orhangazi (2018) revealed 
that intangible-intensive industries’ rate of profit grew faster than their total assets. Also, R&D 
efforts were shown to be positively and significantly correlated with corporate net profits and 
with performance in the Standard and Poor’s Stock Market Index (Lambert, 2020). Moreover, 
by means of quantile regressions, Rabinovich (2023) found that R&D had a positive and ris-
ing contribution only for high-growth firms. He also showed that the penalty for firms that 
fail in their innovative efforts has grown over time, pointing to a cumulative concentration of 
R&D’s positive (negative) effects for high-growth (slow-growth) firms. Beyond the US, an OECD 
report analysed 26 countries between 2001 and 2014 and found that the mark-ups of firms at 
the top of the distribution had grown and were higher in digital-intensive sectors (Calligaris
et al., 2018).

These contributions can be inscribed in a broader political economy tradition that addresses 
the growing relevance of assets defined as privately appropriated goods used to capture value from 
society in the form of long-lasting economic rents. For some authors, their growing economic 
importance and the transformation of all sorts of things into assets -assetization- is charac-
teristic of contemporary capitalism (see for instance Birch and Muniesa, 2020; Christophers,
2020).

This reference to assets as rent-bearing reopened a long-lasting discussion on the concept 
of economic rents in connection to the economic implications of assets’ concentration (see for 
instance Harvey, 2007; Foley, 2013; Piketty, 2014; Mazzucato, 2018; Christophers, 2020; 
Baglioni et al., 2021; Stratford, 2022; Birch and Ward, 2023; Mazzucato et al., 2023). Broadly 
speaking, rents were defined by these authors as a redistribution of value that results from the 
ownership or control of (artificially made) scarce or monopolized economic resources. These con-
temporary contributions also emphasized that the size of the rent depended on the power relation 
exercised by the owner or controller of the asset and those who needed access to it or to products 
that result from using it. Hence, rent-bearing assets are commercialized in the market with at 
least a certain degree of monopoly power (Christophers, 2020).

Within this literature, for Foley (2013), the specificity of the so-called information economy is 
the introduction of new modes of surplus value appropriation, mainly information rents defined 
as rents derived from information services such as the internet. Foley (2013: 265) continues 
explaining that, unlike land, knowledge and information “can be rented or sold over and over 
again in very cheaply produced copies.” Pagano (2014) expanded this view by arguing that the 
exclusion from publicly using an element of knowledge or information is global. The restriction 
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Intellectual monopolies as a new pattern of innovation and technological regime 5

on the use of existing knowledge reduces the potential of learning (thus the production of new 
knowledge) from its use. It is precisely this characteristic that underlies Baglioni et al. (2021) 
emphasis on intangible assets as expanding through use.

Rents derived from intangible assets have also been dubbed intellectual, knowledge, or techno-
scientific rents (Teixeira and Rotta, 2012; Pagano, 2014; Rikap, 2018; Birch, 2019; Durand and 
Milberg, 2020). Durand and Milberg (2020) proposed a taxonomy of intellectual monopoly 
rents garnered by leading corporations through GVCs, including data-driven rents. The inter-
est in distinguishing a specific rent derived from the extraction, control, and centralization of 
data has grown with capitalism’s platformization (Birch et al., 2020; Sadowski, 2020; Srnicek,
2021).

2.3 Intellectual Monopoly Capitalism: at the intersection of economics of 
innovation and political economy

Regardless of their differences, all the authors studying intangible assets and associated rents 
owe much to the Schumpeterian concept of innovation rent even if not every intangible is an 
innovation. Combining both traditions, an emerging stream of literature speaks of an era of 
intellectual monopoly capitalism to describe the sustained concentration of intangible assets in 
a handful of corporations and their use of monopolized knowledge and information to extract 
value from other organizations -such as subordinate firms in GVCs, platforms, and franchisees 
(Pagano, 2014; Rikap, 2021; Rikap and Lundvall, 2021, Chapter 2).1

The intellectual monopoly definition is still on the making. Boldrin and Levine (2004: 328) 
had defined it as “the power of producers of ideas to control how their products are used”. 
However, Rikap (2021) showed that global corporations capture knowledge developed together 
with other organizations and shape the trajectories of scientific exploration and technological 
change. Hence, intellectual monopolies are not necessarily the producers of the ideas, but those 
that systematically capture and turn into assets knowledge and information that is often co-
produced with (and sometimes simply produced by) others.

Such behaviours were specially documented for pharmaceutical and information technologies. 
It was shown that the predominant research agenda in healthcare and biomedical sciences is set 
by a small group of large pharmaceutical companies and leading universities from developed 
countries (Testoni et al., 2021). It was also found that Roche, Novartis, and Pfizer systemat-
ically turned into their exclusively owned patents discoveries whose related publications were 
co-authored with hundreds of other organizations, providing evidence of knowledge appropria-
tion (Rikap, 2019). Likewise, despite establishing hundreds of research collaborations, Google, 
Amazon, Microsoft, Alibaba, and Tencent only shared ownership of up to 0.3% of their patents 
with other organisations (Rikap, 2020; Rikap and Lundvall, 2020).

The intellectual monopoly framework was mobilized to understand firm-level power dynam-
ics in GVCs (Rikap, 2018; Durand and Milberg, 2020) and to empirically show that countries 
that specialize in more knowledge-intensive links capture more value than those concentrated in 
GVCs’ production functions (Coveri and Zanfei, 2023). Going beyond specific sectors or archi-
tectures like GVCs, Baines and Hager (2023) used data from US-listed firms to identify degrees 
of intellectual monopolization. Along the lines of Rabinovich (2023), they observed that intellec-
tual monopolization, proxied as intangible accumulation and rentierization—defined as highly 
financialized companies with high profit margins—is more pronounced for the top 10% firms 
in revenues from pharmaceuticals, apparel and footwear, defence and aerospace, food and bev-
erage, heavy industry, hotels and restaurants, and ICT. Interestingly, they found that the bottom 
50% of firms in apparel and footwear, automotives, pharmaceuticals, ICT, and retail behave 
like subordinated innovating firms, as described by Rikap (2021). These firms are intensive in 

1 Observing the same trends, Schwartz (2022: 75) suggests that intellectual monopoly capitalism should be 
renamed as franchise economy given the original meaning of franchise as “a royal grant of monopoly rights over trade, 
land, or some other activity.” The problem with the latter definition is that it ultimately sees the emergence of intellec-
tual monopolies or franchisors as a state’s decision, disregarding the contributions of the economics of innovation field 
concerning the innovation process and associated technological regimes.
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6 C. Rikap

intangible assets but enjoy relatively low profit margins compared to firms in the top of the
distribution.

Summing up, this literature suggests an expanding intellectual monopolization, but evidence 
remains scattered and there is an insufficient understanding of the ways in which innovation takes 
place in such a context. Reconstructing how intellectual monopolies emerged, predominantly in 
certain sectors, and to what extent they differ from the dynamics of Schumpeter Mark II is the 
focus of the next section.

3. The intellectual monopoly pattern of innovation
3.1 A conceptual and historical approach to explain the persistence of 

intellectual monopolies
This paper proposes the IM pattern of innovation to describe innovations produced in systems 
organized by long-lasting and self-reinforcing intellectual monopolies acting as leading cores that 
turn temporary windfalls—the privilege of the innovator—into a permanent flow of rents. While 
innovation is co-produced in innovation systems with many other organizations that integrate 
turbulent peripheries, associated rents are mostly captured by intellectual monopolies.

From an evolutionary perspective, intellectual monopolies could have sprung from successful 
innovators that reinvested at least part of their intellectual rents in R&D, attempting to systemat-
ically innovate anew before imitation. Considering knowledge as a path-dependent process with 
economies of scale (Dosi, 1988; Johnson and Lundvall, 1994; Antonelli, 1999), it demands min-
imum knowledge thresholds to allow copies, leaving companies at the knowledge frontier in a 
better position to appropriate their own and others’ intangibles, thus garnering intellectual rents. 
Furthermore, as explained above, absorptive and management capacities expand as more knowl-
edge is accumulated, which favours knowledge production and adoption (Cohen and Levinthal, 
1990; Coad et al., 2020). These characteristics of knowledge expand innovation probabilities for 
those at the frontier, which could prompt a sustained flow of new innovations before imitation 
and diffusion, thus a self-reinforcing entry barrier.

Like in the model proposed by Shaked and Sutton (1987: 141–142), “the possibility exists, 
primarily through incurring additional fixed costs, of shifting the technological frontier con-
stantly forward towards more sophisticated products”. This path dependence also presents a 
financial side. The returns of previous innovations expand available resources for more R&D, 
which increases the probability to innovate (Nelson and Winter, 1982). Indeed, global top non-
financial corporations in market capitalization are also those leading the business expenditure on 
R&D (BERD) rankings (European Commission, 2022).

In such a scenario, the more a firm learns and innovates, the more it will know how to do 
it. As identified by Orsenigo (2006) when analysing the biotechnology field, previous innovators 
retain higher innovating opportunities; “success breeds success” (Dosi, 1988: 1161). Knowl-
edge may remain cumulative even between paradigms in the sense that learning by doing, in 
this case by the act of doing R&D, creates competencies that facilitate absorbing and producing 
new knowledge even from a new technological paradigm. Hence, a lead innovator may even be 
better prepared—have more financial and intellectual resources—to lead the transition to a new
paradigm.

The gap between the intellectual monopoly and the rest of the firms producing the same or 
similar products widens. The latter remain structurally behind and their chances to imitate further 
shrink as time passes by. The less a firm learns and innovates, the less it will know how to do 
it. Learning can be hampered to the point where awareness of the existence of a new technique 
would not be enough for adoption even without IPRs because adoption depends on having the 
necessary capabilities and resources for developing or using techniques. As Dosi (2023: 219) 
explains, “precisely because technological knowledge is partly tacit, also embodied in complex 
organizational practices, etc., technological lags and lead may well be persistent even without 
legal appropriation.”

Such cumulative dynamics have been seen both for healthcare and information tech-
nologies, the two sectors with the largest share of firms among BERD top investors 
(European Commission, 2022). In the case of information technologies, these advantages were 
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Intellectual monopolies as a new pattern of innovation and technological regime 7

further fostered by platform network effects. To some extent, a similar phenomenon could have 
taken place with so-called blockbuster drugs. As more practitioners started prescribing them, 
network effects could have contributed to making other physicians keener to do so too. These 
dynamics expand intellectual rents, thus providing more financial leeway to the leader to keep
innovating.

The contemporary form and relevance of the IM pattern relies on specific political, eco-
nomic, institutional, and technological changes. Stable cores were favoured by the weaking 
of antitrust regulations in the US and then in other Western economies, narrowly redefined 
by looking at consumer welfare measured through market prices (Glick, 2019). This partic-
ularly benefited large pharmaceutical companies selling to governments, thus not directly to 
final consumers. It also favoured Big Tech companies, which offer products for free (or more 
accurately for a price measured in data and attention) or at lower prices than non-platform
incumbents.

The persistence of intellectual monopolies also relies on the establishment of a more stringent 
and extensive IPRs regime in the US since the 1980s, later exported globally with TRIPS and 
follow-up agreements (Drahos, 1995; Coriat and Orsi, 2002; Dreyfuss and Frankel, 2014). The 
authorisation to patent living organisms since the landmark case Diamond v. Chakrabarty and 
more stringent IPRs particularly favoured large pharmaceutical companies, whose innovations 
are easier to reverse engineer. Precisely since the 1980s, profitability and innovation in the sector 
delinked; patents became largely (ab)used to sustain higher drug prices and do not positively 
correlate with newly approved drugs (Is̨ık and Orhangazi, 2022; Dosi et al., 2023).

Patents are at the basis and origin of large pharmaceutical companies’ intellectual monopolies 
(Dutfield, 2020) but these corporations have also captured other less studied intangibles, such as 
brands, that the literature has conceptualized as tools of ghost management (Sismondo, 2007, 
2020; Gagnon and Lexchin, 2008; Gagnon, 2021). Trademarks decreased generic drugs’ entry 
and trademarked-drugs are more expensive yet not of higher quality, as shown in Castaldi’s 
(2023) review of the trademarks’ literature.

Large pharmaceuticals have also concentrated the exclusive knowledge on how to turn a 
promising result into a widely prescribed drug. Going from bench to bed requires knowing how 
to conduct all the clinical trials, legal paperwork, and procedures for approval. These firms also 
keep privileged contacts with the US Food and Drug Administration and other similar agencies 
around the world. They also influence networks of physicians and other specialists that, con-
vinced or not of their effectiveness, end up prescribing large pharmaceuticals’ drugs (Gagnon 
and Lexchin, 2008; Gagnon, 2021).

The new IPRs regime also included software, no longer sold integrated into hardware since 
IBM unbundled them by January 1970 in an attempt to pre-empt a US Department of Justice 
antitrust suit and limit damage claims from existing suits from competitors (Grad, 2002). Patents 
in the tech sector have been widely (ab)used too (see for instance WIPO, 2014). Nonetheless, 
in this industry, IPRs are not the main knowledge appropriation mechanism (Jacobides et al., 
2006; Sampat, 2018; Comino et al., 2019). Secrecy plays a fundamental role in deterring digital 
technologies’ diffusion. Big Tech companies’ search engine algorithms and harvested big data are 
kept secret and only 15% of the scientific articles on artificial intelligence, where Microsoft and 
Google loom large (Ahmed and Wahed, 2020), disclose code (Benaich and Hogarth, 2020). In this 
field, greater absorptive capacities leading to learning advantages are also particularly relevant 
for explaining the persistence of intellectual monopolies. As stated by Lemley and Feldman (2016: 
188), “in fast-moving industries, such as information technology, the technology described in the 
patent may be obsolete by the time anyone could read it.”

Contemporary intellectual monopolies also benefited from technological advances that facili-
tated access to knowledge from around the world. Since the Cold War, several industries became 
more science and technology driven among which pharmaceuticals looms large (Dutfield, 2020), 
making R&D more expensive. Information technologies also became more science-based over 
time as artificial intelligence, which is an interdisciplinary science-based field, grew in importance 
(Crawford, 2021).

Furthermore, the ICT revolution has accelerated the circulation of public knowledge, which 
can be more easily appropriated by companies with the highest absorptive capacities. All these 
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8 C. Rikap

transformations relied on the US hidden industrial policy. Highly connected to its military 
complex, it was essential in developing fundamental technologies for both ICT and pharma-
ceutical industries (Block, 2008; Mazzucato, 2013; Weiss, 2014). States were also central in 
the emergence of Samsung, TSMC, and Chinese Big Tech (Lundvall and Rikap, 2022; Miller,
2022).

More recently, deep learning algorithms that improve by themselves as they crunch data rep-
resents a new method of invention that accelerates innovation (Cockburn et al., 2018). It is a 
primary source of self-reinforcing intellectual monopolization for Big Tech companies that have 
monopolized not only diverse and vast big datasets but also the most advanced machine learning 
(Rikap and Lundvall, 2021). Similarly, for Bessen (2022, Chapter 3), product differentiation—
which makes lead firms less subjected to disruption—has been favoured by big data analysis 
enabling customization at large scale. Of course, product differentiation must be validated in the 
market, and the greater granularity of data makes this easier. Moreover, according to the author, 
increased differentiation requires larger intangible investments (in advertising and R&D) than 
rivals.

The monopolization of digital technologies was also enabled by a vacuum of regulations, 
ranging from missing definitions on who could harvest and what type of data could be har-
vested, to absent trade policies for digital services’ exports and imports. Proper measures to 
account for intangibles’ world trade are still missing (Fu and Ghauri, 2021) as well as stan-
dardized global indicators for data concentration at the firm level (UNCTAD, 2019).2 Without 
adequate measurement, regulation is constraint, further shielding knowledge monopolization.

3.2 Why are intellectual monopolies different from Schumpeter Mark II?
The spread and persistence of intellectual monopolies could have resulted in the evolution 
towards Mark II patterns of innovation in all the affected industries. Yet, particularly in 
information technologies and pharmaceuticals, something different occurred.

Since the 1980s, R&D in the pharmaceutical industry became more complex and fragmented 
(Lane, 2007; Dutfield, 2020). While the core of big pharmaceuticals remains mostly untouched, 
Dutfield (2020: 291) describes in detail the emergence of a new actor, “highly specialised small 
firms, often spun out of universities who have useful services and possibly quite unique skills to 
offer, and perhaps a few highly valuable patents, but who have no products at all to sell”. As I 
explained above, large pharmaceutical companies retained the know how to go from bench to 
bed, the development side of the R&D. At the other end, start-ups, among which biotechnology 
firms lstand out, focus on specialized discoveries. This model can be exemplified with the Pfizer–
BionTech Covid-19 vaccine. Precision drugs and more broadly personalized medicine give further 
testament to extreme specialization.

The US state not only favored intellectual monopolization as described in the previous section 
but also, as Popp Berman (2011, Chapter 4) explains, fostered academics to spin off companies 
to exploit biotechnology applications. The US Congress decided not to regulate rDNA research in 
1977. In 1978, large capital gains’ tax cuts were granted and in 1979 pension funds were autho-
rized to invest in venture capital, precisely at a time of venture capital scarcity. These regulatory 
changes unleashed venture capital flows, funding biotechnology spin-offs as well as start-ups 
from the other emerging technology of the time, ICT. Entrants did not displace already existent 
pharmaceutical leaders and, in the ICT sector, a relatively stable core of leading corporations 
differentiated from myriads of start-ups. As an outcome, small innovating companies depend on 
intellectual monopolies to offer their (new) products. Examples include developers depending on 
Big Tech platforms to sell their apps (Bergvall-Kareborn and Howcroft, 2011; Norfield, 2017; 
Rikap, 2020) and so-called partners offering software as a service in Big Tech cloud marketplaces 
(see section 5.2.2).

To some extent, this stratification can be explained by advancements in scientific disciplines—
both of biotechnology and ICT—together with specific innovations in computational capabilities 
and the instruments used to perform experiments, analyse, and record. Altogether, these changes 

2 A recent paper introduced a way to measure data concentration, but it relies on access to data that is only 
available in the US (Abis and Veldkamp, 2020).
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Intellectual monopolies as a new pattern of innovation and technological regime 9

enabled the modularization of knowledge, so that different steps of the same R&D project could 
be performed by different organizations in different parts of the world (Arora and Gambardella, 
1994).

In sectors where knowledge or more generally intangibles can remain detached from tangi-
ble assets, transportation costs became equal to communication costs (Arora et al., 1997) and 
ICT technologies made intangibles’ modularization cheaper. This particularly applies to science-
based innovation, such as in healthcare and software as noted by Arora et al., (1997), today 
including artificial intelligence (AI) algorithms. In comparison, in sectors whose intangibles are 
not easily detached from tangibles, such as heavy manufacturing, knowledge modularization is 
harder. Arora et al. (1997) further distinguished between the production of modules and their 
combination. The evolution of both healthcare and information technologies points to lead-
ing corporations monopolizing the combination of modules that are co-produced by several 
organizations.

Google and Meta are indispensable to the source code of the vast majority of apps (Blanke and 
Pybus, 2020). Moreover, Jacobides et al., 2021 identified the infrastructural power of Big Tech 
companies in AI, largely due to their role as cloud computing providers. In both examples, Big 
Tech companies’ intellectual monopoly is concentrated on the combination of modules as well 
as on the more abstract or general modules, while leaving the specific ones—thus those with less 
economies of scales and scope—to start-ups or small firms In the case of large pharmaceuticals, 
by monopolizing general knowledge modules required for the approval of every drug—from 
how to conduct a clinical trial to brand building—biotechnology start-ups did not displace them 
(Dutfield, 2020).

Hence, from a scenario in which large firms would conduct the bulk of R&D in-house, as in 
the case of large pharmaceuticals before biotechnology or IBM before unbundling hardware and 
software, we observe a prevalence of intellectual monopolies outsourcing R&D modules or steps, 
among others, to emerging start-up firms that often do not aim to sell a product but innovation. 
This is the main difference with Schumpeter Mark II, intellectual monopolies perpetuate, among 
others, by outsourcing R&D modules, thus enabling entry.

Outsourced R&D offsets related risks without losing the chance to predominantly profit from 
successful results (Dolgin, 2010; Collier, 2011; Baranes, 2016; Lazonick et al., 2017; Rikap, 
2019). Innovation is produced systemically but stratified and reducing the risks for the incumbent 
of losing its intellectual monopoly. This co-production dynamic in which an intellectual monopoly 
organizes outsourced R&D was defined as corporate innovation systems.3 Besides the intellectual 
monopoly, they are integrated, among others, by universities, public (research) organization, and 
start-up firms (Rikap and Lundvall, 2020; Lundvall and Rikap, 2022). All these organizations co-
produce innovation for the main benefit of firms with intellectual monopolies. The latter combines 
the modules produced by different sets of actors. The intellectual monopoly has the main say 
in the general R&D orientations and desired results within this system yet leaving degrees of 
autonomy to the other participants. It is expected that the latter will be experts in specific domains 
producing modules of larger innovation processes, thus probably unaware of how other modules 
are produced, by whom or even what is been produced in the rest of the system and how they 
are recombined.

This does not mean that every single start-up will be subjected to one or many leading firms 
exercising intellectual monopolies. Nonetheless, there are hundreds of firms following this trajec-
tory both in pharmaceuticals and information technologies (see Section 5 for empirical evidence). 
For these companies, conducting independent research becomes more expensive, among others 
due to royalty payments to access knowledge and because R&D requires more expensive machin-
ery. Leading corporations overcome the former with cross-licensing agreements4 and have more 
financial leeway. Furthermore, large-scale patenting demands skills to face claims in courts and 

3 The frontiers of a corporate innovation system may not coincide with an industrial sector. Furthermore, firms 
in a sectoral innovation system were supposed to share or exchange relevant knowledge (Malerba, 2005). This is 
significantly curtailed within corporate systems where subordinated actors only get access to and co-produce parts of 
the knowledge being produced.

4 For instance, Microsoft discloses a list of its IP agreements, including cross-licensing agreements with Apple and 
Amazon (see https://news.microsoft.com/ip-agreements/).
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10 C. Rikap

a deterrence capacity (Pagano, 2014). All these conditions raise high entry barriers for newcom-
ers that attempt to go beyond their modular role and benefit firms already holding intellectual 
monopolies. As explained before, secrecy also limits learning opportunities.

All in all, in these sectors, the relation between leading corporations and start-ups results in 
an innovation pattern with stable cores and turbulent peripheries (see section 5). The crucial 
difference with Mark II, as this section highlighted, is that the innovator of a Mark II pattern 
is a big firm; the innovation process takes place mostly in-house. Meanwhile, knowledge is co-
produced at the corporate innovation system level in the IM pattern, thus in the interaction among 
its actors, even if then it is disproportionately turned into assets by the intellectual monopoly. This 
is why under this pattern of innovation entry is expected to be higher in comparison to Mark II.

4. Methodology
To provide evidence of the existence of an IM pattern of innovation along the lines described 
above, I followed two strategies. First, I calculated patent indicators on the basis of those pro-
posed by Breschi et al. (2000) for mapping Mark I and Mark II patterns. I compared four sectors, 
including pharmaceuticals and a sub-sector within information technologies. Then, given that the 
IM pattern predicts unequal relations between companies from the core and some of those in the 
periphery, I developed two complementary empirical studies of core-periphery dynamics between 
firms inside corporate innovation systems.

4.1 Adjusted patent indicators for identifying patterns of innovation
In total, I analyzed 498 929 patents. I selected and compared the two sectors that I have 
identified as potentially following the IM pattern—pharmaceuticals and a proxy for infor-
mation technology—with one potential Mark I and one potential Mark II sectors. Based 
on Breschi et al. (2000), I chose “Engines, pumps, and turbines” as a Mark II candidate 
and fertilizers as a possible Mark I. I followed the tabulation provided by WIPO (Schmoch, 
2008) to identify the IPC classes that proxy these sectors. Because of limits in the number of 
patents that I could simultaneously retrieve from Derwent Innovation, I only retrieved “Elec-
tric digital data processing” (G06F) patents from the larger set corresponding to information
technologies.

I retrieved patents for 2013 and 2022. Baines and Hager (2023) have recently shown that 
while intellectual monopolization in pharmaceuticals started several decades ago, in ICT, it took 
off in the last decade. Furthermore, 2012 is an inflection point in the second phase of the ICT 
revolution. That year a computer vision breakthrough was achieved, the AlexNet convolutional 
neural network architecture (Ahmed and Wahed, 2020; Jurowetzki et al., 2021).

Breschi et al. (2000) analyzed patents from three European countries. I instead retrieved 
patents for the chosen classes from all the patent offices in the world as provided by Derwent 
Innovation. Unlike the period they studied—late 1980s and early 1990s—the 21st century is asso-
ciated with the globalization of innovation, both driven by the consolidation of GVCs as well as 
by specific features of the production of innovation such as the above mentioned modularization 
and the establishment of an international IPRs regime (Arora et al., 1997; Liu et al., 2013; Parrilli 
et al., 2013; Baldwin, 2014; Chaminade et al., 2016). Even if such globalization is not evenly 
distributed (Paunov et al., 2019; Balland et al., 2020), patterns of innovation and particularly 
the operation of intellectual monopolies take place at an international level.

I also made some adjustments to Breschi et al. (2000)’s indicators. The authors proposed 
one indicator for each dimension of the pattern of innovation: entry, stability of the rank-
ing of patent assignees, and concentration of patents by those at the top. I defined entry as 
in Breschi et al. (2000), thus measured as the share of patents of new patent assignees when 
comparing two periods. In my case, 2013 and 2022.

To measure stability of the whole list of patent assignees, Breschi et al. (2000) used the Spear-
man rank correlation coefficient. The IM pattern, as described above, does not prescribe stability 
of the full ranking of innovators but a split between a stable core and a periphery characterized 
by comparatively high levels of entry and exit. We could expect that Mark II should also present 
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Intellectual monopolies as a new pattern of innovation and technological regime 11

stability of those in the top while the opposite should be the case of Mark I. Thus, as an indicator 
of stability of the core, I calculated the number of organizations that belonged to the top 10, top 
20, and top 30 patent assignees both in 2013 and 2022.

Then, Breschi et al. (2000) proxied the concentration of patents at the top with the share 
of patents of the top 4 patent assignees. However, there are significant sectoral discrepancies in 
terms both of the use of patents as an appropriation mechanism and the degree and speed of 
innovation at any point in time. Therefore, I looked at the concentration of patents for the top 
1% and top 0.1% of total patent assignees (see Section 5.1).

Finally, Breschi et al. (2000) combined their results for patterns of innovation with data from 
a survey that included specific questions to proxy key variables for identifying technological 
regimes. It could have been interesting to also study these variables with updated data for the 
chosen sectors. For the sake of space and given the lack of such a survey, I only focused on 
patterns of innovation indicators. This limitation can also be seen as an open research question 
for future investigations, as introduced in section 6.

4.2 Studying core-periphery dynamics in the IM pattern
The patent indicators built on the basis of Breschi et al. (2000) do not enable to map relations 
between those at the core and the rest. Hence, I followed two complementary strategies to provide 
evidence of the unequal links between intellectual monopolies and innovating firms that are not 
part of the core.

First, I collected evidence of intellectual monopolies directly funding—without acquiring—
start-ups or other innovating firms. I obtained from Crunchbase the list of companies in which 
15 selected intellectual monopolies appeared among the top five investors by June 10th, 2023. 
Crunchbase is a database aimed at providing venture capital business information about private 
and listed innovating companies, particularly start-ups. I looked at the total number of companies 
that had an intellectual monopoly among its top five investors and then filtered this list to identify 
the number of funded firms with a maximum of five investors. These can be seen as cases in 
which the intellectual monopoly has a potentially larger capacity to influence the funded firm’s 
innovation strategy (see Section 5.2.1). I then focused on the link between OpenAI and Microsoft 
to exemplify the type of conditioning accompanying large funding by intellectual monopolies.

Next, I delved into a case in which intellectual monopolies to some extent steer innovation 
in other organizations without any ownership tie. I explored the case of Amazon Web Services 
(AWS) and the firms that offer software as a service in this cloud (see Section 5.2.2). AWS is the 
absolute world market leader with a stable share of 32 to 34%.5

The top investors’ analysis can be seen as an original indicator for mapping innovating firms 
that, albeit being formally independent entities, depend financially and thus could be subjected 
to the influence of an intellectual monopoly. This type of study complements the evidence of 
corporate innovation systems already available in the literature, which maps and compares 
co-authorships and co-ownerships (Rikap, 2019, 2020, 2021; Rikap and Lundvall, 2020). Fur-
thermore, the specific case study of AWS shows concrete ways in which an intellectual monopoly 
affects how other firms innovate and provides evidence of intellectual rent capture.

5. Empirical findings
5.1 Patent indicators
Table 1 presents the indicators of patterns of innovation for the four chosen sectors. Results 
are in line with the intellectual monopoly literature for pharmaceuticals and electric digital data 
processing. Also as expected, fertilizers follow a Mark I and engines, pumps, and turbines (hereon 
engines) a Mark II pattern.

While the indicators mapping the stability of the top patent assignees show that top patent 
assignees for fertilizers are highly unstable, with less than a third of organizations remaining in 

5 https://www.srgresearch.com/articles/cloud-spending-growth-rate-slows-but-q4-still-up-by-10-billion-from-
2021-microsoft-gains-market-share.
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Intellectual monopolies as a new pattern of innovation and technological regime 13

either the top 10, top 20, or top 30 between 2013 and 2022, the other three sectors show a 
significantly more stable core of top patenting organizations. The case of “Electric digital data 
processing” is particularly interesting because the lower stability of the top in comparison with 
pharmaceuticals and engines is explained by the entry of Chinese organizations (Table A.1 in 
appendix). Entry to pharmaceuticals’ core also includes two Chinese organization, the Chinese 
Academy of Sciences and the People’s Liberation Army (Table A.2 in appendix). While the for-
mer also enters the core of “Electric digital data processing” in the 20th position, the main core 
disrupters of this sector are Chinese Big Tech and State Grid Corporation of China, all of them 
conceived as intellectual monopolies that emerged in the last 10 to 15 years (Lundvall and Rikap, 
2022; Rikap, 2022a). These firms jumped from marginal positions to integrate the top 10 in 2022, 
displacing Apple, LG, Intel and Cannon to the 12ve to 15th positions respectively. Interestingly, 
apart from BASF, the few organizations that remained in the fertilizers’ core between periods are 
also Chinese, signaling that China’s entry to this sector predates their disruption of pharmaceuti-
cals and ICT (Table A.3 in appendix). This Chinese effect is only marginal for engines where the 
few core disruptors are western multinationals (Table A.4 in appendix).

The shares of patents concentrated by the top assignees, either by the top 1% or by the top 
0.1% of total patent assignees, exhibit an extremely high concentration for “Electric digital data 
processing”, even larger than for engines. Pharmaceuticals are also highly concentrated, which 
is clear when compared to fertilizers, but concentration diminishes over time. It remains to be 
seen to what extent this is the effect of innovations associated with the pandemic, reflects internal 
dynamics of the sector or the entry of Chinese organizations.

Finally, the intellectual monopoly sectors show relatively high entry compared to Mark II 
considering both to engines (Table 1) and the results of Breschi et al. (2000). Although in terms 
of the shares of patents of new assignees they are still lower than Fertilizers, the number of new 
patent assignees is impressive in both pharmaceuticals and “Electric digital data processing”, 
pointing to sectors where the stability of the top is not at the expense of entry while it does prevent 
entrants from concentrating larger shares of patents and reaching the core. In this respect, it is 
noteworthy that most of the entrants in these sectors are Chinese organizations, where the state 
played a crucial role in developing the country’s national innovation system, including multiple 
protectionist measures (Lundvall and Rikap, 2022). In relation to degrees of entry for different 
patterns of innovation, Marsili (2002) proposed three (high, medium, and low) instead of two 
entry degrees. From her perspective, it could be argued that the two IM sectors exhibit medium 
entry levels. Yet, given patent concentration and the relative stability of the top patent assignees 
for these two sectors (Table 1), it would have been mathematically extremely hard to get entry 
shares as high as those in Mark I. Either way, it is clear that the behaviour of these two industries 
neither reflects Mark I nor Mark II, with empirical results supporting this paper’s suggestion of 
an IM pattern of innovation.

5.2 Core and periphery dynamics within corporate innovation systems
5.2.1 Control with partial ownership
Intellectual monopolies, particularly from information technologies, heavily invest in start-up 
firms (see Table A.5 in Appendix). As explained in section 4.2, I selected 15 intellectual monopo-
lies and retrieved the information of all the firms for which any of those 15 appeared among their 
top five investors yielding a total of 2856 firms by June 2023. It may be the case that financial 
dependence is addressed by some of this almost 3000 companies by relying on many investors 
resulting in low chances of influence by any of them. To control for this option, Crunchbase does 
not provide data on the amounts received from each funder. Yet, it provides the total number of 
investors per company. For each of the 15 intellectual monopolies, Table 2 presents the number 
of firms that have at most five investors in total and that, among these five, one is that intellectual 
monopoly. Table 2 also shows that over 80% of the funded firms in that table have less than 100 
employees, which is another sign of their relatively lower chances to bargain with an intellectual 
monopoly when the latter is a major funder. The overall results from Table 1 hold; Big Tech com-
panies both from the US and China lead in this corporate venture capital strategy. From all the 
firms depending on any of these intellectual monopolies, almost a quarter have Microsoft among 
its top five investors (392 out of 1267 firms).
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14 C. Rikap

Table 2. Intellectual monopolies among top five investors for companies with a maximum of five investors

Investor Number of firms

Microsoft 392
Google 179
Tencent 175
Alibaba (including Ant Group) 154
Samsung 116
Amazon 81
Johnson & Johnson 45
Meta 27
Nvidia 20
Merck 19
Pfizer 19
Abbvie 14
Apple 9
Roche 9
Eli Lilly 8
Total 1267
Companies with employee data 1203
Total with up to 100 employees 985

Author’s analysis, data extracted from Crunchbase.

Among its funded firms, Microsoft first investment in OpenAI (USD 1 billion) dates from 
2019. Microsoft negotiated in exchange an exclusive license to GPT-3, which was the frontier 
large language model (LLM) and afterwards powered the first version of ChatGPT. A group of 
AI researchers left OpenAI due to internal tensions over its research direction and priorities since 
Microsoft stepped in.6 OpenAI’s dependence on Microsoft also extends to the latter’s computing 
power, without which training the former’s LLMs would have been impossible.7 After ChatGPT’s 
success and its almost immediate integration to Microsoft Bing,8 Microsoft committed an addi-
tional USD 10 billion investment in OpenAI.9 Later developments of this saga further confirmed 
Microsoft’s controlling arm in this company.

There is also space to think that the effects of Big Tech and large pharmaceutical com-
panies funding a selected group of start-ups includes favouring the development of certain 
technologies—those receiving the funding—over the rest. In the tech sector, due to large invest-
ments by intellectual monopolies we may even see an expansion of the kill zone, in which once 
Google or Facebook acquires a start-up, venture capitals reduce their investments in competing 
companies or companies in close markets (Kamepalli et al., 2020). Their centrality as funders, 
particularly of some Big Tech, could also have an effect at the level of the overall orientation of 
related science and technology along the lines observed by Rikap (2023) for AI.

5.2.2 Control without ownership
Finally, this section analyses Amazon’s cloud (AWS), an example of an innovation platform 
(Cusumano et al., 2019). Unlike e-commerce marketplaces where sold products are consumed 
outside of the market, computing services are never sold as independent products, they are all 
linked to other services and ultimately to the larger cloud infrastructure. Services can only be 

6 https://www.geekwire.com/2020/openai-renamed-closedai-reaction-microsofts-exclusive-license-openais-gpt-3/ 
and https://www.ft.com/content/8de92f3a-228e-4bb8-961f-96f2dce70ebb.

7 https://news.microsoft.com/source/features/ai/how-microsofts-bet-on-azure-unlocked-an-ai-revolution/?ocid
= eml_pg394041_gdc_comm_mw&mkt_tok = MTU3LUdRRS0zODIAAAGKwmbrwlHO5mYvwKCSRwk2rcEO-79_
q_J-nzO8jDiYkLCqxQDI3WXezvp1v-R1XS1chmfOLULFh7NnuL1mIejIT2WWNnZHWf1mc2zzg39WJ2aT7z8p
pJQFXEi5.

8 In interviews that I did for another investigation it was confirmed to me that Microsoft was aware of the launch 
time in advance and was already working to integrate ChatGPT to its search engine and other products (Rikap, 2023).

9 https://blogs.microsoft.com/blog/2023/01/23/microsoftandopenaiextendpartnership/.
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used inside the Big Tech cloud for which they were created, and development must follow specific 
requirements defined by the major cloud providers.

In AWS marketplace other companies, so-called partners by Amazon, offer hardware, soft-
ware, and even business consultancies as online services.10 By January 2023, AWS marketplace 
had 6783 registered partners associated with 178 qualifications, which can be defined as classes 
of cloud services. Among them, 2374 companies offered only one service on AWS, while Bar-
racuda Networks offered the largest number of services (49). This cybersecurity software firm 
only operates as a cloud services’ provider: it was the first to offer software as a service on AWS.

Regardless of the number of offered services, AWS imposes a detailed set of frequently changing 
rules and protocols to its partners. The requirements are so thorough and complex that the so-
called partners are mandated to have certifications for every type of service they expect to develop 
or integrate into larger solutions. Since 2012, major changes that include new guidelines on how 
to create specific cloud services are informed to partners at a paid conference called re:Invent 
(fees were USD 1799 in 2022).

Nubiral is an example of a small to medium size company whose business is fully dependent on 
AWS cloud. It defines itself on AWS website as providing “personalized solutions and professional 
services focused on IT Consultancy, DevOps, Cloud, and Data & Innovation.” Nubiral specializes 
in data infrastructure projects that require to install and connect IoT to the cloud enabling cus-
tomers’ migration to the cloud. Amazon recommendations to partners precisely include focusing 
on migration as stated by Jarrod Buckley, AWS Director of Global Partner Programs, at the 2018 
re:Invent Conference. While increasing partners’ revenues, this recommendation simultaneously 
means focusing on expanding AWS clients without endangering the latter’s lead.

Another recommendation provided by Buckley at the same event was to specialize, defined 
as concentrating on an area like migration, “data and analytics or a vertical like healthcare and 
life sciences”.11 Specialization can be interpreted as narrowing down development to specific 
modules along the lines discussed in section 3.2. If partners specialize in developing solutions 
for concrete modules within the cloud, they will mostly learn and innovate in a tiny part of the 
cloud, a specific module within a much larger solution in which pieces of software provided by 
AWS are connected to those of partners as black boxes, further limiting learning opportunities 
(Fernández Franco et al., 2023). Moreover, specialized partners may never consider developing 
capabilities to integrate or combine modules, which would be required to become a standalone 
cloud provider. Therefore, the specialization strategy, even when it is profitable for partners, at 
the same time cements a division of intellectual labour in the cloud.

By setting the protocols and guidelines to develop cloud services while recommending others 
to specialize, Amazon reinforces its intellectual monopoly by virtually eliminating the potential 
emergence of challengers among those that participate in its corporate innovation system while 
expanding its intellectual rents. Listing a service on AWS is free but there is a 30% transaction fee 
for each sale.12 Price changes must be reviewed and approved by Amazon, a process that takes 
between one and three months.13 Since services are ultimately private lines of code—including 
private software with hardware—their price is mainly defined as a rent garnered after making an 
intangible artificially scarce (Rikap, 2022b).

6. Discussion: effects on diffusion, economic growth, and technological 
regimes

The previous section provided evidence of a distinct pattern of innovation based on sustained 
intellectual monopolies with a turbulent periphery, part of which is subordinated by the former, 
which organize innovation at the level of corporate innovation systems. This section compares 

10 https://aws.amazon.com/partners/paths/?nc = sn&loc = 2.
11 See the whole talk here: https://www.youtube.com/watch?v=LDRzckjVABM.
12 https://smallbusinessbonfire.com/what-partner-programs-are-available-with-aws-marketplaces/.
13 On AWS pricing see: https://docs.aws.amazon.com/marketplace/latest/userguide/pricing.html and https://docs.

aws.amazon.com/marketplace/latest/userguide/saas-contracts.html.
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Table 3. Patterns of innovation dynamics

Schumpeter 
Mark I: creative 
destruction

Schumpeter Mark II: 
creative accumulation

Intellectual monopoly (IM): 
creative appropriation

Who inno-
vates/ captures 
associated 
returns

Any firm, usually 
small entrants

Large incumbent firms 
with large R&D 
laboratories

The same (big) firm captures 
most of rents from inno-
vations conducted at its 
Corporate Innovation System

Length of the 
innovation 
privilege

Temporary, 
eroded by imi-
tation and new 
innovations

Temporary, eroded 
by slower imitation 
than in Mark I and 
by other large firms’ 
innovation

Persistent for the IM. Laggard 
imitation.

Temporary for innovating firms 
that are not IMs because the 
latter captures most of that 
rent and because the innova-
tion pace is set at the level of 
the whole corporate innova-
tion system for the benefit of 
the IM.

Innovation cycle Innovation →
Imitation and 
diffusion →
Growth

Innovation → Imita-
tion and diffusion →
Growth

Innovation → Limited, sub-
ordinated and stratified 
diffusion → perpetuation 
of the rentiers with impacts 
on growth

Author’s analysis based on Mark I, Mark II, and intellectual monopoly literature.

this pattern with Mark I and Mark II. Table 3 provides a summary of the dynamics of each 
pattern of innovation in relation to diffusion and growth.

The curtailment of diffusion–which entails adaptation and imitation processes–distinguishes 
the IM pattern. Since the intellectual monopoly captures and combines diverse knowledge mod-
ules and thus garners the bulk of rents corresponding to its corporate innovation system, this 
pattern can be characterized as creative appropriation or creative assetization. Adoption yields 
more rents and the different types of imitators associated with this innovation pattern do not 
trigger wide diffusion. Catching-up is limited. Hence, we may expect reduced economic growth.

Firms without an intellectual monopoly may imitate old technologies, partially catching up, 
such as generic drug makers, arriving once the patent expired yet not being able to compete with 
the trademarked-drugs or with new patented-drugs prescribed in larger numbers by using the 
above-mentioned network of physicians. In the case of monopolized digital systems for busi-
nesses such as Big Tech clouds, as Bessen (2022: 57) explains, “the ever-greater complexity of 
the technology makes independent creation difficult”. Intellectual monopolies’ modular corpo-
rate innovation system of complementary and self-reinforcing intangibles prevents these attempts 
from jeopardizing their lead.

Alternatively, the intellectual monopoly may decide to arrive late and copy successful inno-
vations. Nelson and Winter (1982) anticipated that sometimes innovation is so expensive and 
imitation fast enough that the latter results more beneficial. Intellectual monopolies foster start-
ups to take the riskiest endeavours, occasionally funding them, while still profiting from successful 
results (see section 5.2.1.). In this context, following Nelson and Winter (1982), the chances of 
subordinated innovating firms to innovate anew before imitation by the intellectual monopoly 
shrink due to lower available funds and because the time-lapse between innovation and imitation 
is too short.

This is often the case of biotechnology and information technology start-ups (Cooke, 2006; 
Fernald et al., 2017; Glick and Ruetschlin, 2019; Bourreau and de Streel, 2020; Kamepalli et al., 
2020). Among AWS partners, Elastic offered its products Elasticsearch and Kibana. As their pop-
ularity grew, Amazon started offering its own versions of these services, displacing Elastic from 
the market.14 AWS offered them under the name Amazon Elasticsearch Service, misleading devel-

14 https://www.theregister.com/2021/01/22/aws_elastic_fork/.
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opers by potentially making them think that this was the same product they were using before. 
This is an example of how Amazon, which has one of world’s most valued brands15 and over 800 
trademarks,16 infringes other companies’ trademark as part of its strategy to capture innovation. 
Acquisition of the successful innovator is another means to curtail the more distributed devel-
opment of a technology. Also, subordinating potential disruptors or leaders of specific modules, 
not only due to financial needs but also because of the effects of intangibles’ monopolization, 
is another effective way to reinforce this pattern of innovation. This was the case of Microsoft 
and OpenAI, with the latter depending on Microsoft’s technologies to make its specific modules 
-LLMs- work.

A third alternative is for an intellectual monopoly to successfully imitate another intellectual 
monopoly. This dynamic, far from eliminating intellectual monopolies, accelerates innovation at 
the core, as in the case of the smartphone industry (Dedrick and Kraemer, 2017). Another option 
could be for a wannabe intellectual monopoly to succeed and become an intellectual monopoly, as 
in the case of State Grid Corporation of China (SGCC) (Rikap, 2022a). Yet, this (uncommon but 
still feasible) process would entail more than imitation for the reasons explained before and does 
not trigger wide diffusion. Both in the case of SGCC and other Chinese intellectual monopolies, as 
I pointed out above, their emergence cannot be reduced to internal dynamics of their technological 
regime but requires considering political and institutional transformations (Lundvall and Rikap, 
2022).

Precisely in relation to technological regimes, Malerba and Orsenigo (1997) proposed two, 
one for Mark I and another one for Mark II, according to degrees of knowledge cumulativeness, 
opportunity, and appropriability, and considering knowledge base characteristics. Based on the 
analysis presented in this paper, it is expected that the IM associated technological regime would 
present high knowledge cumulativeness at the level of the corporate innovation system and high 
levels of opportunity and appropriability but mostly for the intellectual monopoly. The picture 
is less clear when it comes to its turbulent peripheries.

Opportunity is expected to be high for peripheral organizations integrating intellectual monop-
olies’ corporate innovation systems producing concrete modules, such as successful start-ups and 
leading universities. However, unlike the intellectual monopoly, their innovative opportunity may 
be limited to those specific modules, with a low opportunity also for recombining modules, among 
others, due to prohibitive costs and the effect of knowledge monopolization limiting learning 
opportunities beyond specific modules for those without intellectual monopolies.

Also, start-ups’ overall high rates of failure point to low opportunities, among others for 
many of those that do not integrate such corporate innovation systems and also for many that 
do so but fail. As innovation risks are outsourced to start-ups and other organizations, most of 
these organizations fail, even most Silicon Valley start-ups.17 Start-ups’ failure rates are a sign 
of how turbulent the peripheries are. Those successful will enjoy intellectual rents but, if they 
integrate an intellectual monopoly’s corporate innovation system, the latter will capture part of 
that rent. In other cases, being a successful start-up means been acquired, prominently by leading 
companies (Montalban and Sakinç, 2013; Lazonick et al., 2017; Lopez Giron and Vialle, 2017; 
Rikap, 2019; World Intellectual Property Organization, 2019; Bourreau and de Streel, 2020;
Dutfield, 2020).

The fact that concrete modules often only make sense once they are integrated or com-
bined with others is a reason to think that appropriability may be lower for start-ups and 
academic or public organizations in comparison to intellectual monopolies. Finally, in relation 
to the knowledge base of both sectors identified as following the IM pattern, I have already 
explained in section 3.2 that they became more science-based over time, integrating diverse 
disciplines. Dutfield (2020) speaks of a convergence of biotechnology with digital technolo-
gies included in pharmaceuticals’ contemporary knowledge base. Likewise, digital technologies, 
in particular AI, point to information technology as also becoming more science-based and 

15 See for instance https://brandirectory.com/rankings/global/.
16 https://www.amazon.com/gp/help/customer/display.html?nodeId=GCX77V9988LUPMB2.
17 Retrieved from https://www.startups.com/community/questions/396/for-every-success-story-in-silicon-valley-

how-many-are-there-that-fail last accessed on December 22, 2022.
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more interdisciplinary, thus more complex in the terms considered by Malerba and Orsenigo 
(1997). Overall, in both cases the interplay between science and technology is strong and the 
frontiers between basic and applied science are blurred, with large pharmaceuticals gaining 
more centrality over time in the highest impact factor health and biomedical sciences jour-
nals (Testoni et al., 2021) and the extreme case of Microsoft and Google as the organizations 
presenting more scientific papers in the leading AI scientific conferences (Jurowetzki et al.,
2021).

7. Final remarks
All in all, by introducing the IM pattern of innovation and technological regime, in which 
benefits accrued from innovation developed by corporate innovation systems are dispropor-
tionately harvested by intellectual monopolies, this paper has contributed to our understanding 
of patterns of innovation and innovation systems. The focus on systems was crucial for 
identifying and studying the interplay between different heterogeneous firms co-producing 
innovation. As evidenced empirically, this pattern of innovation is characterized by a sta-
ble core and turbulent and dynamic peripheries among which many innovating compa-
nies subordinate to intellectual monopolies, as in the cases of AWS partners and innovat-
ing firms that are heavily reliant on funding -and technology- provided by an intellectual
monopoly.

The second general contribution of this paper was its historical approach to explain the 
IM pattern of innovation. The confluence of political, institutional, technological, and eco-
nomic transformations fostered the perpetuation of intellectual monopolies but also encouraged 
knowledge modularization and the spread of start-ups in certain sectors—pharmaceuticals and 
information technologies—leading to the emergence of a distinct pattern. Among others, the 
role of the US hidden industrial policy as well as China’s protectionism, the weakening of 
antitrust, a more stringent and extensive IPRs regime, new technologies—that accelerate but 
also make R&D more expensive—and globalization have contributed to perpetuating intellectual
monopolies.

These contributions leave room for continuous work on the evolution of taxonomies and 
patterns of innovation both given the dynamics of technological change, as pointed out by 
Archibugi (2001), but also considering social, political, and economic changes as well as 
the performative effect of science to making things happen. Additionally, more systematic 
empirical research is needed to map the IM regime, for instance, using the entire patent 
database to complement the preliminary analyses on a subset of the database presented
here.

Finally, the portrayal presented here could be contested in the future and efforts shall be put 
in that direction. One could hope for civil society reactions to knowledge monopolization, which 
could tilt the scale against intellectual monopolies and create new collaborative patterns of inno-
vation. Yet other future scenarios are also feasible. Potential decoupling of global innovation due 
to the US–China conflict, the evolution of the international IPRs regime and antitrust laws may 
also shape existing and create new patterns. Therefore, there is room for expanding the study 
of patterns of innovation, their evolution and how they are shaped not only by technological 
regimes but also political, economic, and social factors, including the prefiguration of new ways 
of conceiving innovation.

Acknowledgments
The author thanks the reviewers for their insightful comments as well as Dr. Facundo Lastra who 
helped me to web scrap part of the data used for the empirical analysis. The author would also 
like to thank CORTEXT Manager team for their support.

References
Abis, S. and L. Veldkamp (2020), ‘The changing economics of knowledge production,’ Available at SSRN 

3570130.

D
ow

nloaded from
 https://academ

ic.oup.com
/icc/advance-article/doi/10.1093/icc/dtad077/7462137 by guest on 20 M

ay 2024



Intellectual monopolies as a new pattern of innovation and technological regime 19

Ahmed, N. and M. Wahed (2020), ‘The De-democratization of AI: deep learning and the compute divide 
in artificial intelligence research,’ arXiv Preprint arXiv:2010.15581.

Antonelli, C. (1999), ‘The evolution of the industrial organisation of the production of knowledge,’ Cambridge 
Journal of Economics, 23(2), 243–260.

Archibugi, D. (2001), ‘Pavitt’s taxonomy sixteen years on: A review article,’ Economics of Innovation and New 
Technology, 10(5), 415–425.

Archibugi, D., A. Filippetti and M. Frenz (2013), ‘Economic crisis and innovation: Is destruction prevailing over 
accumulation?,’ Research Policy, 42(2), 303–314.

Arora, A. and A. Gambardella (1994), ‘The changing technology of technological change: General and abstract 
knowledge and the division of innovative labour,’ Research Policy, 23(5), 523–532.

Arora, A., A. Gambardella and E. Rullani (1997), ‘Division of labour and the locus of inventive activity,’ Journal 
of Management and Governance, 1(1), 123–140.

Baglioni, E., L. Campling and G. Hanlon (2021), ‘Beyond rentiership: Standardisation, intangibles and value 
capture in global production,’ Environment and Planning A: Economy and Space, 55, 1528–1547.

Baines, J. and S. B. Hager (2023), ‘Rentiership and Intellectual Monopoly in Contemporary Capitalism: 
Conceptual Challenges and Empirical Possibilities,’ CITYPERC Working Paper.

Baldwin, R. (2014), ‘2 WTO 2.0: Governance of global supply-chain trade,’ in R. Baldwin, M. Kawai and G. 
Wingnaraja (eds), A World Trade Organization for the 21st Century. Edward Elgar: United Kingdom, pp. 
12–47.

Balland, P.-A., C. Jara-Figueroa, S. G. Petralia, M. P. Steijn, D. L. Rigby and C. A. Hidalgo (2020), ‘Complex 
economic activities concentrate in large cities,’ Nature Human Behaviour, 4(3), 248–254.

Baranes, A. I. (2016). An Original Institutionalist Approach to the Structure, Conduct, and Performance of the 
Pharmaceutical Industry: The Importance of Intangible Assets [PhD Thesis]. University of Missouri-Kansas 
City.

Baran, P. A. and P. M. Sweezy (1966), Monopoly Capital. NYU Press: United States.
Benaich, N. and I. Hogarth (2020), ‘State of AI Report,’.
Bergvall-Kareborn, B. and D. Howcroft (2011), ‘Mobile applications development on Apple and Google 

platforms,’ Communications of the Association for Information Systems, 29(1), 30.
Bessen, J. (2022), The New Goliaths: How Corporations Use Software to Dominate Industries, Kill Innovation, 

and Undermine Regulation. Yale University Press: United States.
Birch, K. (2019), ‘Technoscience rent: Toward a theory of rentiership for technoscientific capitalism,’ Science, 

Technology, & Human Values, 45(1), 3–33.
Birch, K., M. Chiappetta and A. Artyushina (2020), ‘The problem of innovation in technoscientific capitalism: 

Data rentiership and the policy implications of turning personal digital data into a private asset,’ Policy 
Studies, 41(5), 468–487.

Birch, K. and F. Muniesa (2020), ‘Introduction: Assetization and technoscientific capitalism,’ in K. Birch and F. 
Muniesa (eds), Assetization. Turning Things into Assets in Technoscientific Capitalism. MIT Press: United 
States.

Birch, K. and C. Ward (2023), ‘Introduction: Critical approaches to rentiership,’ Environment and Planning A: 
Economy and Space, 55(6), 1429–1437.

Blanke, T. and J. Pybus (2020), ‘The material conditions of platforms: Monopolization through decentralization,’ 
Social Media+ Society, 6(4).

Block, F. (2008), ‘Swimming against the current: The rise of a hidden developmental state in the United States,’ 
Politics & Society, 36(2), 169–206.

Boldrin, M. and D. K. Levine (2004), ‘2003 Lawrence R. Klein lecture the case against intellectual monopoly,’ 
International Economic Review, 45(2), 327–350.

Bourreau, M. and A. de Streel (2020), ‘Big Tech Acquisitions,’ Centre on Regulation in Europe.
Breschi, S., F. Malerba and L. Orsenigo (2000), ‘Technological regimes and Schumpeterian patterns of innova-

tion,’ The Economic Journal, 110(463), 388–410.
Calligaris, S., C. Criscuolo and L. Marcolin (2018), ‘Mark-ups in the digital era,’ (OECD Science, Technology 

and Industry Working Papers). OECD.
Castaldi, C. (2023), ‘Off the mark? What we (should) know about the bright and dark sides of corporate 

trademark practices for society,’ Industrial and Corporate Change, 32(5), 1046–1062.
Castellacci, F. (2007), ‘Technological regimes and sectoral differences in productivity growth,’ Industrial and 

Corporate Change, 16(6), 1105–1145.
Chaminade, C., C. De Fuentes, G. Harirchi and M. Plechero (2016), ‘The geography and structure of global inno-

vation networks: Global scope and regional embeddedness,’ in Handbook on the Geographies of Innovation. 
Edward Elgar Publishing: United Kingdom and United States.

Christophers, B. (2020), Rentier Capitalism: Who Owns the Economy, and Who Pays for It?. Verso Books: 
United Kingdom.

D
ow

nloaded from
 https://academ

ic.oup.com
/icc/advance-article/doi/10.1093/icc/dtad077/7462137 by guest on 20 M

ay 2024



20 C. Rikap

Coad, A., N. Mathew and E. Pugliese (2020), ‘What’s good for the goose ain’t good for the gander: Heteroge-
neous innovation capabilities and the performance effects of R&D,’ Industrial and Corporate Change, 29(3), 
621–644.

Cockburn, I. M., R. Henderson and S. Stern (2018), ‘The impact of artificial intelligence on innovation,’ National 
bureau of economic research.

Cohen, W. M. and D. A. Levinthal (1990), ‘Absorptive capacity: A new perspective on learning and innovation,’ 
Administrative Science Quarterly, 35(1), 128–152.

Collier, R. (2011), ‘Bye, Bye Blockbusters, Hello Niche Busters,’ E697–E698.
Comino, S., F. M. Manenti and N. Thumm (2019), ‘The Role Of Patents In Information And Communication 

Technologies: A Survey Of The Literature,’ Journal of Economic Surveys, 33(2), 404–430.
Cooke, P. (2006), ‘Global bioregions: Knowledge domains, capabilities and innovation system networks,’ 

Industry and Innovation, 13(4), 437–458.
Coriat, B. and F. Orsi (2002), ‘Establishing a new intellectual property rights regime in the United States: Origins, 

content and problems,’ Research Policy, 31(8–9), 1491–1507.
Coveri, A. and A. Zanfei (2023), ‘Functional division of labour and value capture in global value chains: A new 

empirical assessment based on FDI data,’ Review of International Political Economy, 30, 1984–2011.
Cowling, K. and R. Sugden (1987), Transnational Monopoly Capitalism. Wheatsheaf Books; St. Martin’s Press: 

United Kingdom.
Crawford, K. (2021), The Atlas of AI: Power, Politics, and the Planetary Costs of Artificial Intelligence. Yale 

University Press: United States.
Cusumano, M. A., A. Gawer and D. B. Yoffie (2019), The Business of Platforms: Strategy in the Age of Digital 

Competition, Innovation, and Power. HarperCollins Publishers: New York, United States.
Dedrick, J. and K. L. Kraemer (2017), Intangible Assets and Value Capture in Global Value Chains: The 

Smartphone Industry. Vol. 41. WIPO: Geneva, Switzerland.
Dolgin, E. (2010), ‘Big pharma moves from “blockbusters” to “niche busters,’ Nature Medicine, 16.
Dosi, G. (1988), ‘Sources, procedures, and microeconomic effects of innovation,’ Journal of Economic Literature,

26(3), 1120–1171.
Dosi, G. (2023), The Foundation of Complex Evolving Economies: Part One: Innovation, Organization, and 

Industrial Dynamics. Oxford University Press: Oxford, United Kingdom.
Dosi, G., L. Marengo, J. Staccioli and M. E. Virgillito (2023), ‘Big pharma and monopoly capitalism: A long-term 

view,’ Structural Change and Economic Dynamics, 65, 15–35.
Drahos, P. (1995), ‘Global property rights in information: The story of TRIPS at the GATT,’ Prometheus, 13(1), 

6–19.
Dreyfuss, R. and S. Frankel (2014), ‘From incentive to commodity to asset: How international law is 

reconceptualizing intellectual property,’ Michigan Journal of International Law, 36(4), 557–602.
Durand, C. and W. Milberg (2020), ‘Intellectual monopoly in global value chains,’ Review of International 

Political Economy, 27(2), 404–429.
Dutfield, G. (2020), THAT HIGH DESIGN OF PUREST GOLD: A Critical History OF the Pharmaceutical 

Industry 1880–2020. World Scientific: Singapore.
European Commission. (2022), ‘The 2021 EU Industrial R&D Investment Scoreboard,’ European Commission.
Fernald, K. D. S., H. P. G. Pennings, J. F. van den Bosch, H. R. Commandeur and E. Claassen (2017), ‘The 

moderating role of absorptive capacity and the differential effects of acquisitions and alliances on Big Pharma 
firms’ innovation performance,’ PLOS ONE, 12(2), e0172488.

Fernández Franco, S., J. M. Graña, D. Flacher and C. Rikap (2023), ‘Producing and using artificial intelligence: 
What can Europe learn from Siemens’s experience?,’ Competition & Change, 27(2), 302–31.

Foley, D. K. (2013), ‘Rethinking financial capitalism and the “information” economy,’ Review of Radical Political 
Economics, 45(3), 257–268.

Fontana, R., A. Nuvolari, H. Shimizu and A. Vezzulli (2013) ‘Schumpeterian patterns of innovation and the 
sources of breakthrough inventions: evidence from a data-set of R&D awards’, in Journal of Evolutionary 
Economics 12, pp. 313–340.

Fu, X. and P. Ghauri (2021), ‘Trade in Intangibles and the Global Trade Imbalance,’ The World Economy, 44(5), 
1448–69.

Gagnon, M.-A. (2021), ‘Ghost management as a central feature of accumulation in corporate capitalism: The 
case of the global pharmaceutical sector’, in M. Benquet and T. Bourgeron (eds), Accumulating Capital Today. 
Routledge: United Kingdom, pp. 163–177.

Gagnon, M.-A. and J. Lexchin (2008), ‘The cost of pushing pills: A new estimate of pharmaceutical promotion 
expenditures in the United States,’ PLoS Medicine, 5(1), e1.

Glick, M. (2019), ‘Antitrust and Economic History: The Historic Failure of the Chicago School of Antitrust,’ 
The Antitrust Bulletin, 64(3), 295–340.

D
ow

nloaded from
 https://academ

ic.oup.com
/icc/advance-article/doi/10.1093/icc/dtad077/7462137 by guest on 20 M

ay 2024



Intellectual monopolies as a new pattern of innovation and technological regime 21

Glick, M. and C. Ruetschlin (2019), ‘Big Tech Acquisitions and the Potential Competition Doctrine: The Case 
of Facebook,’ Institute for New Economic Thinking Working Paper Series, 104.

Grad, B. (2002), ‘A personal recollection: IBM’s unbundling of software and services,’ IEEE Annals of the 
History of Computing, 24(1), 64–71.

Harvey, D. (2007), A Brief History of Neoliberalism. Oxford University Press: USA.
I ˛sık, E. and Ö. Orhangazi (2022), ‘Profitability and drug discovery,’ Industrial and Corporate Change, 31(4), 

891–904.
Jacobides M G, Brusoni S and Candelon F (2021) ‘The Evolutionary Dynamics of the Artificial Intelligence 

Ecosystem,’ Strategy Science, 6, 412–435.
Jacobides, M. G., T. Knudsen and M. Augier (2006), ‘Benefiting from innovation: Value creation, value 

appropriation and the role of industry architectures,’ Research Policy, 35(8), 1200–1221.
Johnson, B. and B.-Å. Lundvall (1994), ‘The learning economy,’ Journal of Industry Studies, 1(2), 23–42.
Jurowetzki, R., D. Hain, J. Mateos-Garcia and K. Stathoulopoulos (2021), ‘The Privatization of AI Research 

(-ers): Causes and Potential Consequences–From university-industry interaction to public research brain-
drain?,’ arXiv Preprint arXiv:2102.01648.

Kamepalli, S. K., R. Rajan and L. Zingales (2020), ‘Kill Zone,’ National Bureau of Economic Research.
Lambert, T. E. (2020), ‘Monopoly capital and innovation: An exploratory assessment of R&D effectiveness,’ 

International Review of Applied Economics, 34(1), 36–49.
Lane, C. (2007), ‘National capitalisms and global production networks: An analysis of their interaction in two 

global industries,’ Socio-Economic Review, 6(2), 227–260.
Lazonick, W., M. Hopkins, K. Jacobson, M. E. Sakinç and Ö. Tulum (2017), US Pharma’s Financialized Business 

Model. United States: Institue for New Economic Thinking.
Lee, J. and G. Gereffi (2021), ‘Innovation, upgrading, and governance in cross-sectoral global value chains: The 

case of smartphones,’ Industrial and Corporate Change, 30(1), 215–231.
Leiponen, A. and I. Drejer (2007), ‘What exactly are technological regimes?: Intra-industry heterogeneity in the 

organization of innovation activities,’ Research Policy, 36(8), 1221–1238.
Lemley, M. A. and R. Feldman (2016), ‘Patent licensing, technology transfer, and innovation,’ American 

Economic Review, 106(5), 188–192.
Li, D., Z. Liang, F. Tell and L. Xue (2021), ‘Sectoral systems of innovation in the era of the fourth industrial 

revolution: An introduction to the special section,’ Industrial and Corporate Change, 30(1), 123–135.
Liu, J., C. Chaminade and B. Asheim (2013), ‘The geography and structure of global innovation networks: A 

knowledge base perspective,’ European Planning Studies, 21(9), 1456–1473.
Lopez Giron, A. J. and P. Vialle (2017). A preliminary analysis of mergers and acquisitions by Microsoft from 

1992 to 2016: A resource and competence perspective. In 28th European Regional Conference of the Inter-
national Telecommunications Society (ITS): “Competition and Regulation in the Information Age”, Passau, 
Germany.

Lundvall, B.-Å. and C. Rikap (2022), ‘China’s catching-up in artificial intelligence seen as a co-evolution 
of corporate and national innovation systems,’ Research Policy, 51(1), 104395.

Malerba, F. (2005), ‘How and why innovation differs across sectors,’ in D.C. Mowery, J. Fagerberg and R.R. 
Nelson (eds), The Oxford Handbook of Innovation. Oxford University Press: United Kingdom. pp. 380–406.

Malerba, F. and L. Orsenigo (1995), ‘Schumpeterian patterns of innovation,’ Cambridge Journal of Economics,
19(1), 47–65.

Malerba, F. and L. Orsenigo (1996), ‘The dynamics and evolution of industries,’ Industrial and Corporate 
Change, 5(1), 51–87.

Malerba, F. and L. Orsenigo (1997), ‘Technological regimes and sectoral patterns of innovative activities,’ 
Industrial and Corporate Change, 6(1), 83–118.

Mandel, E. (1978), ‘Late Capitalism,’ Verso.
Marsili, O. (2002), ‘Technological regimes and sources of entrepreneurship,’ Small Business Economics, 19(3), 

217–231.
Mazzucato, M. (2013), The Entrepreneurial State: Debunking Public Vs. Private Sector Myths. Vol. 1. Anthem 

Press: New York and London.
Mazzucato, M. (2018), The Value of Everything: Making and Taking in the Global Economy. Hachette UK: 

United Kingdom.
Mazzucato, M., J. Ryan-Collins and G. Gouzoulis (2023), ‘Mapping modern economic rents: The good, the bad, 

and the grey areas,’ Cambridge Journal of Economics, 47(3), 507–534.
Miller, C. (2022), Chip War: The Fight for the World’s Most Critical Technology. Simon and Schuster: New 

York, United States.
Montalban, M. and M. E. Sakinç (2013), ‘Financialization and productive models in the pharmaceutical 

industry,’ Industrial and Corporate Change, 22(4), 981–1030.

D
ow

nloaded from
 https://academ

ic.oup.com
/icc/advance-article/doi/10.1093/icc/dtad077/7462137 by guest on 20 M

ay 2024



22 C. Rikap

Nelson, R. R. and S. G. Winter (1982), An Evolutionary Theory of Economic Change. Harvard University Press: 
United States.

Norfield, T. (2017), ‘Amazon: Becoming the Market,’ Economics of Imperialism. https://economicsofimperialism.
blogspot.com/2017/07/amazon-becoming-market.html.

Orhangazi, Ö. (2018), ‘The role of intangible assets in explaining the investment–profit puzzle,’ Cambridge 
Journal of Economics, 43(5), 1251–1286.

Orsenigo, L. (2006), ‘Clusters and clustering in biotechnology: Stylised facts, issues and theories,’ in P. 
Braunerhjelm and M.P. Feldman (eds), Cluster Genesis, Oxford University Press: Oxford, UK, pp. 195–218

Pagano, U. (2014), ‘The crisis of intellectual monopoly capitalism,’ Cambridge Journal of Economics, 38(6), 
1409–1429.

Parrilli, M. D., K. Nadvi and H. W. Yeung (2013), ‘Local and regional development in global value chains, 
production networks and innovation networks: A comparative review and the challenges for future research,’ 
European Planning Studies, 21(7), 967–988.

Paunov, C., D. Guellec, N. El-Mallakh, S. Planes-Satorra and L. Nüse (2019), On the concentration of innovation 
in top cities in the digital age.

Piketty, T. (2014), Capital in the 21st Century. Harvard University Press: United States.
Popp Berman, E. (2011), Creating the Market University: How Academic Science Became an Economic Engine. 

United States: Princeton University Press.
Rabinovich, J. (2023), ‘Tangible and intangible investments and sales growth of US firms,’ Structural Change 

and Economic Dynamics, 66, 200–212.
Rikap, C. (2018), ‘Innovation as Economic Power in Global Value Chains,’ Revue D’économie Industrielle,

163(163), 35–75.
Rikap, C. (2019), ‘Asymmetric Power of the Core: Technological Cooperation and Technological Competition 

in the Transnational Innovation Networks of Big Pharma,’ Review of International Political Economy, 26(5), 
987–1021.

Rikap, C. (2020), ‘Amazon: A story of accumulation through intellectual rentiership and predation,’ Competition 
& Change, 26(3–4), 436–466.

Rikap, C. (2021), Capitalism, Power and Innovation. Intellectual Monopoly Capitalism Uncovered. Routledge: 
United Kingdom.

Rikap, C. (2022a), ‘Becoming an intellectual monopoly by relying on the national innovation system: The State 
Grid Corporation of China’s experience,’ Research Policy, 51(4), 104472.

Rikap, C. (2022b), ‘The expansionary strategies of intellectual monopolies: Google and the digitalization 
of healthcare,’ Economy and Society, 52(1), 1–28.

Rikap, C. (2023), ‘Same End by Different Means: Google, Amazon, Microsoft and Facebook’s Strategies to 
Dominate Artificial Intelligence,’ CITYPERC Working Paper Series.

Rikap, C. and B.-Å. Lundvall (2020), ‘Big Tech, knowledge predation and the implications for development,’ 
Innovation and Development, 12(3), 1–28.

Rikap, C. and B.-Å. Lundvall (2021), The Digital Innovation Race: Conceptualizing the Emerging New World 
Order. Palgrave Macmillan: Switzerland.

Sadowski, J. (2020), ‘The internet of landlords: Digital platforms and new mechanisms of rentier capitalism,’ 
Antipode, 52(2), 562–580.

Sampat, B. N. (2018), A Survey of Empirical Evidence on Patents and Innovation. National Bureau of Economic 
Research.

Schmoch, U. (2008), ‘Concept of a technology classification for country comparisons,’ Final Report to the World 
Intellectual Property Organisation (Wipo). WIPO.

Schumpeter, J. A. (1934), The Theory of Economic Development: An Inquiry into Profits, Capital, Credit, 
Interest, and the Business Cycle. Transaction publishers: New Jersey, United States.

Schumpeter, J. A. (1942), Capitalism, Socialism and Democracy. Routledge: London and New York.
Schwartz, H. M. (2016), ‘Wealth and Secular Stagnation: The Role of Industrial Organization and Intellectual 

Property Rights,’ The Russell Sage Foundation Journal of the Social Sciences, 2(6), 226–249.
Schwartz, H. M. (2022), ‘From Fordism to Franchise Pontusson Jonas, Baccaro Lucio and Blyth Mark,’ in Dimin-

ishing Returns: The New Politics of Growth and Stagnation, Oxford University Press: United Kingdom. p. 
74–97.

Shaked, A. and J. Sutton (1987), ‘Product differentiation and industrial structure,’ The Journal of Industrial 
Economics, 36(2), 131–146.

Sismondo, S. (2007), ‘Ghost management: How much of the medical literature is shaped behind the scenes by 
the pharmaceutical industry?,’ PLoS Medicine, 4(9), e286.

Sismondo, S. (2020), ‘Ghost-managing and gaming pharmaceutical knowledge Biagioli Mario and Lippman 
Alexandra,’ in Gaming the Metrics, MIT Press: United States. p. 123–134.

D
ow

nloaded from
 https://academ

ic.oup.com
/icc/advance-article/doi/10.1093/icc/dtad077/7462137 by guest on 20 M

ay 2024

https://economicsofimperialism.blogspot.com/2017/07/amazon-becoming-market.html
https://economicsofimperialism.blogspot.com/2017/07/amazon-becoming-market.html


Intellectual monopolies as a new pattern of innovation and technological regime 23

Srnicek, N. (2021), ‘Value, rent and platform capitalism,’ in J. Haidar and M. Keune (eds), Work and Labour 
Relations in Global Platform Capitalism. Ilera and Edward Elgar Publishing: United States and United 
Kingdom, pp. 29–45.

Stratford, B. (2022), ‘Rival definitions of economic rent: Historical origins and normative implications,’ New 
Political Economy, 28(3), 1–16.

Teixeira, R. A. and T. N. Rotta (2012), ‘Valueless knowledge-commodities and financialization: Productive 
and financial dimensions of capital autonomization,’ Review of Radical Political Economics, 44(4), 448–467.

Testoni, F. E., M. García Carrillo, M.-A. Gagnon, C. Rikap and M. Blaustein (2021), ‘Whose shoulders is health 
research standing on? Determining the key actors and contents of the prevailing biomedical research agenda,’ 
PloS One, 16(4), e0249661.

UNCTAD. (2019), ‘Digital Economy Report 2019: Value creation and capture–Implications for developing 
countries,’ United Nations.

Weiss, L. (2014), America Inc.?: Innovation and Enterprise in the National Security State. Cornell University 
Press: United States.

WIPO. (2014), ‘THE IMPACT OF THE ACQUISITION AND USE OF PATENTS ON THE SMARTPHONE 
INDUSTRY,’ WIPO and Center on Law and Information Policy at the Fordham University School of Law.

World Intellectual Property Organization (2019), WIPO Technology Trends 2019. Artificial Intelligence. WIPO: 
Switzerland.

D
ow

nloaded from
 https://academ

ic.oup.com
/icc/advance-article/doi/10.1093/icc/dtad077/7462137 by guest on 20 M

ay 2024



24 C. Rikap

Appendix

Table A.1. Electric digital data processing (stability of the core)

Author’s analysis, data extracted from Derwent Innovation.

Table A.2. Pharmaceuticals core

Author’s analysis, data extracted from Derwent Innovation.
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Table A.3. Fertilizers (stability of the core)

Author’s analysis, data extracted from Derwent Innovation.

Table A.4. Engines, pumps, and turbines (stability of the core)

Author’s analysis, data extracted from Derwent Innovation.
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Table A.5. Selected intellectual monopolies among top five investors of other firms

Investor Number of firms

Google 793
Microsoft 496
Tencent 427
Samsung 368
Alibaba incl Ant 273
Amazon 140
Johnson & Johnson 88
Meta 51
Pfizer 46
Nvidia 43
Eli Lilly 39
Merck 35
Abbvie 23
Roche 20
Apple 14
Total 2856

Author’s analysis, data extracted from Crunchbase.

D
ow

nloaded from
 https://academ

ic.oup.com
/icc/advance-article/doi/10.1093/icc/dtad077/7462137 by guest on 20 M

ay 2024


	Intellectual monopolies as a new pattern of innovation and technological regime
	1. Introduction
	2. Patterns of innovation and the growing concentration of intangible assets
	2.1 Schumpeter Mark I and Schumpeter Mark II
	2.2 Monopoly capital and the concentration of intangible assets
	2.3 Intellectual Monopoly Capitalism: at the intersection of economics of innovation and political economy

	3. The intellectual monopoly pattern of innovation
	3.1 A conceptual and historical approach to explain the persistence of intellectual monopolies
	3.2 Why are intellectual monopolies different from Schumpeter Mark II?

	4. Methodology
	4.1 Adjusted patent indicators for identifying patterns of innovation
	4.2 Studying core-periphery dynamics in the IM pattern

	5. Empirical findings
	5.1 Patent indicators
	5.2 Core and periphery dynamics within corporate innovation systems
	5.2.1 Control with partial ownership
	5.2.2 Control without ownership


	6. Discussion: effects on diffusion, economic growth, and technological regimes
	7. Final remarks
	Acknowledgments
	References
	Appendix




